
Examinations of the labour market outcomes

and housing of Ontario social assistance

recipients

by

Jason Adams

A thesis submitted to the

Department of Economics

in conformity with the requirements for

the degree of Doctor of Philosophy

Queen’s University

Kingston, Ontario, Canada

September 2020

Copyright c© Jason Adams, 2020



Abstract

This thesis showcases a series of research examining various aspects of social assis-

tance programs and their recipients using a set of administrative microdata follow-

ing beneficiaries of the social assistance programs in Ontario, Canada. In Chapter

2, an analysis is carried out examining the disparities between various labour mar-

ket outcomes for immigrant and non-immigrant social assistance recipients. After

controlling for education level and other characteristics, survival analysis shows that

likelihood of immigrant recipients exiting social assistance in any given period is sta-

tistically significantly lower than that of non-immigrant recipients by around 16%.

However, further analysis reveals that immigrant recipients are less likely than non-

immigrant recipients to return to social assistance after leaving. This discrepancy

between the likelihood of finding employment and the implicit likelihood of retaining

employment may be evidence of discrimination faced by immigrants in the Ontario

labour market. Within the immigrant portion of the sample, higher age at their

time of arrival to Canada leads to lower likelihood of finding employment, but lower

likelihood of returning to social assistance, which could point to issues of cultural

assimilation or discrimination against immigrants in the hiring process, or the un-

dervaluation of human capital attained outside of Canada. Chapter 3 focuses on
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active labour market programs to which Ontario Works social assistance beneficia-

ries are assigned, intended to help them find and keep employment. After controlling

for endogenous enrollment and omitted variable bias using an instrumental variable

approach, significant differential impacts are found on unemployment spell duration,

return rates to social assistance, and future time spent on social assistance across

programs. Additionally, the effects of programs when assigned simultaneously are

found to be detrimental. Chapter 4 provides a descriptive analysis of the housing

situations and levels of residential mobility among recipients of Ontario Works, as

well as the Ontario Disability Support Program. Additionally, an examination of

those experiencing homelessness while on social assistance is carried out to examine

prevalence of homelessness among different subpopulations. Overall, this research

aims to shed light on both the living situations and labour market experiences facing

those who are the most economically vulnerable in our society.
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Chapter 1

Introduction

The research presented as a part of this thesis revolves around Ontario’s social assis-

tance programs and their beneficiaries. The current incarnations of these programs

were formed in 1997 with the government of Ontario’s passing of the Ontario Works

Act and the Ontario Disability Support Program Act. From this, the Ontario Works

(OW) program was established to provide financial assistance to those in dire fi-

nancial need, usually without current employment, as well as increased assistance in

finding and maintaining employment. By contrast, the Ontario Disability Support

Program (ODSP) provides financial assistance to persons with disabilities in financial

need. Unlike OW, however, the aim of ODSP is not necessarily to get beneficiaries to

find employment so that they can exit the program, though employment assistance

activities such as those offered under OW are also available to recipients without

being mandatory.

The social assistance program in place before this current iteration was different

in several ways. Assistance dependency was relatively less of a concern, which may
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partially explain the drive to separate disability assistance into its own program,

given the differing goals of the two programs now; additionally, stricter program

requirements for finding work or participating in programs to reach that end were

instituted with the program reform, in addition to expansion of these programs, in

order to cut down on relatively higher levels of long-term dependency (Ministry of

Community and Social Services (2000)). An inadvertent effect of this is that it helps

to mitigate to a degree the concern that recipients observed in the data may be

complacent or may not be looking for work.

The analysis carried out in the following chapters make use of administrative mi-

crodata from the Ontario Ministry of Community and Social Services (MCSS). This

dataset follows all OW and ODSP recipients between 2003 and 2013 monthly while

they are receiving social assistance. For most of the analysis using this data, recipi-

ents’ social assistance spells have been recreated from aggregating adjacent monthly

observations.

Chapter 2 examines the disparities between immigrant recipients of Ontario

Works and their non-immigrant counterparts relating to labour market outcomes

and social assistance receipt. Building on the literature that looks at gaps between

the experiences of these groups in the labour market in general, as well as in the

Canadian context specifically, this research focuses on the most economically vul-

nerable portion of the population, where the liability of having a lower probability

of gaining labour market attachment is arguably more crucial. Potential causes for
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these disparities, such as statistical discrimination, taste-based discrimination, and

issues of cultural assimilation, are considered and explored. This chapter also pro-

vides a deeper look at the immigrant subpopulation of social assistance recipients,

which includes certain groups such as recent immigrants and refugee applicants that

represent already vulnerable populations. The relative labour market performance

of different admission categories, immigration statuses, arrival cohorts, and ages at

arrival to Canada are compared, in addition to varying levels of education and family

types. In addition to examining medium- and longer-term outcomes over five and

ten year periods, survival analysis is employed to examine the relative likelihoods of

exiting social assistance.

In Chapter 3, analysis is carried out examining the efficacy of the various active

labour market programs (ALMPs) offered to Ontario Works recipients. These pro-

grams are assigned to recipients who are able to work after meeting with caseworkers

based on the skills and needs of the individual, and encompass a variety of activ-

ities including training, classes, and job placements. To address the endogeneity

inherent in a program assignment situation such as this, an instrumental variable

strategy is used. The program effects are measured relative to not being assigned

to an ALMP with an instrument similar to that used in Doyle Jr (2007), and Dean

et al. (2015) that uses the leave-out proportion of assignees to each ALMP. The in-

strument used also makes use of a webscraped mapping of recipients’ postal codes

to designated social assistance offices. Short- and longer-term efficacy are studied to
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measure the effects of the programs on both helping recipients find as well as main-

tain employment. Stratified analysis is carried out to compare program effectiveness

across gender, immigrant status, and education levels. This chapter contributes to

the literature on measurement labour market program efficacy by examining these

categories of programs and several measures of efficacy in the Candian context.

Chapter 4 provides a descriptive analysis of the housing situations and residential

mobility of social assistance recipients in Ontario for both OW and ODSP. Housing

conditions and stability are a facet of living quality that can be greatly affected

by poverty. This chapter looks at accommodation types and frequencies of moves

for different subpopulations of social assistance users, including by gender, family

type, age group, and immigrant status. Looking at accommodation types also al-

lows for an examination of the prevalence of homelessness among social assistance

recipients. This contributes to the literature on homelessness, where there are not

a large number of microdata sets following those experiencing homelessness due to

the difficulty in longitudinal data collection for this group. Although not all people

experiencing homelessness will be receiving social assistance, this dataset provides a

large enough sample to carry out a stratified analysis for the various subpopulations.

This also contributes to the Canadian literature on homelessness by examining exits

from homelessness, including frequencies of exiting homelessness for those on social

assistance, and looking at the accommodations into which these recipients transition.

Additionally, the competing risks survival analysis model proposed in Fine & Gray

(1999) is employed to study the relative likelihood of exiting homelessness while on
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social assistance across subpopulations.

Together, these chapters contribute to the body of literature on poverty and so-

cial assistance programs and recipients in Canada. The research on labour market

programs and on particularly vulnerable populations within Canada such as immi-

grants and the homeless and the results presented in this thesis can provide direction

for future research and policy.
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Chapter 2

Social assistance outcome disparities: An

examination of immigrant experiences in Ontario

2.1 Introduction

Increased interest in topics relating to immigration in North America in recent years

has brought renewed concern to related policy, both on immigration in general as

well as policy addressing the role and experiences of immigrants in the labour mar-

ket. The issues immigrants face regarding labour market or educational outcomes in

Western countries and in Canada specifically have been well-documented for decades.

Immigrants in Canada face lower earnings than their counterparts, a gap that takes

years spent working in Canada to close (Li, 2003). The educational credentials earned

by immigrants outside of Canada are also valued less in the Canadian labour market

(Li, 2001). In addition to that, returns to foreign experience are often much lower

than domestic work experience for Canadian immigrants (Green & Worswick, 2010).

Many of these obstacles for immigrants are still present despite that Canada’s im-

migration system favours economic-class or high-skilled immigrants relative to those
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of certain other Western countries (Card & Freeman, 2009).

The reasons for these disparities are not always clear, often debated, and can

vary. Some works find reduced quality in immigrants, usually attributed to changes

in Canada’s immigration policy over time, can explain some of the outcome gaps

(Bloom et al, 1995). Others ascribe parts of certain outcome gaps to racial discrim-

ination experienced by immigrants belonging to visible minority groups (Basran &

Zong, 1998). In the case of foreign credentials, they are often just not recognized

in Canada, exhibiting a direct form of discrimination against immigrants who are

similarly accredited to Canadian-born counterparts (Pendakur, 2000). The factors

driving these differentials in labour market outcomes for Canadian immigrants are

an important focus for these studies in order to better understand how these issues

can be counteracted.

Implicit bias against immigrants has been identified as a topic to be addressed

specifically for the Canadian government to better improve intergenerational income

mobility and create more inclusive growth for Canadians (that is, economic growth

for those across the income distribution) (Corak, 2017). Although studying and

addressing the issues facing immigrants is important overall, those within the immi-

grant population that are the most economically at-risk provide a logical focal point

for examinations of labour market outcomes.

This paper aims to accomplish this by examining the disparities between the
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labour market outcomes of immigrants and non-immigrants in Ontario for those

receiving social assistance for unemployment – one of the most economically vul-

nerable groups, given that they are unemployed and have exhausted financial assets

beyond a certain threshold. The factors driving these disparities are also explored,

and how different groups within the immigrant population are proportionately af-

fected. Across different specifications and models, immigrants are found to be less

than 84% as likely as non-immigrants to exit social assistance in any given month

when the sample is restricted to those who do not exit for reasons other than finding

employment. In addition, being an immigrant will add on average 3.3 months to a

social assistance spell duration, conditional on other characteristics.

However, immigrant recipients are also found to be around 7% less likely to return

to social assistance within one year of exiting relative to non-immigrant recipients,

and around 9% less likely to return within two years. This may indicate that some

degree of discrimination against immigrants exists in the labour market since they

are less likely on average to find employment in any given period, even though they

are implicitly more likely to maintain that employment.

Within the immigrant portion of OW recipients, the older a recipient was when

they immigrated to Canada, the less likely they are to find employment in a given

period; however, those that came as adults are less likely to return to social assis-

tance after leaving, or implicitly more likely to maintain employment once they find

it. This implies that the disparity between immigrants and non-immigrants may be
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driven by cultural assimilation issues affecting the job search process or discrimi-

nation against immigrants. Alternately, the immigrant differentials found could be

indicative of the undervaluation of labour market experience or educational experi-

ence of these immigrants while on social assistance trying to find employment, with

subsequent lower rates of returning to social assistance explained by “catching up” to

their counterparts after spending more time in the country, similar to results in the

literature showing declining earnings gaps between immigrants and non-immigrants

as they remain in the country longer.

2.1.1 Background

Canada’s immigration system has evolved over the last century, and these changes in

immigration policy impact the cohorts of immigrants that are studied in this paper.

In 1967, Canada implemented a points system for immigrants, which encourages the

entry of skilled immigrants. For example, immigrants with higher education and

language abilities in Canada’s two official languages are awarded more points. Eco-

nomic class immigrants admitted under this system consistently make up over half

of all immigrants admitted into Canada each year.

The 1976 Immigration Act then established family reunification and humanitar-

ian concerns as priorities in Canada’s intake of immigrants which lead to relatively

more refugees being accepted. The region of origin for immigrants also began shifting

in the following decades, allowing more immigrants from developing nations into the
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country.

Ontario’s provision of social assistance is handled by the Ontario Works program.

The program was borne out of Ontario Works Act of 1997, which provided a more

hands-on shift toward heavier requirements on recipients who are unemployed and

able to work to seek employment and participate in active labour market programs

(ALMPs) that help recipients gain skills to better find and maintain employment.

To be eligible to receive social assistance, applicants’ benefit units (typically those

living in the household, including spouses and dependants) must be below certain

financial asset and income thresholds that differ depending on family structure, and

are eligible after they have finished receiving any employment insurance benefits.

These requirements highlight the fiscal precarity of the situation facing applicants,

and financial last resort nature of the Ontario Works program.

Because of the stricter conditions concerning ALMP participation for able recip-

ients, observing the social assistance spells of recipients under the assumption that

they are actively searching for labour becomes easier; the negative view of social

assistance recipients only trying to collect financial assistance without searching for

a job are less applicable under the current program.

The Ontario Works program has been serving a number of people that remained

steady over the first decade of its existence, but has increased since; the 2016-2017
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fiscal year saw OW expenditure by the province (going toward financial and employ-

ment assistance) of an estimated $2.8 billion, supporting over 3.3% of the population

of the province.

The Ontario Works directives state that “...an applicant or recipient must also

be a Canadian citizen or must be legally entitled to reside in Canada permanently”

(Ministry of Community and Social Services, 2018). Although this only addresses

immigrants who have attained citizenship or those who are permanent residents, ex-

ceptions are still made for people of various other immigrant statuses. For instance,

convention refugees can qualify for OW if their eligibility for the Resettlement As-

sistance Program expires, or immigrants slated for deportation can qualify if it is

deemed unsafe for them to return to their home country.1 Because of this, there is a

degree of heterogeneity between the circumstances/status of the immigrant portion

of the sample of interest that is studied.

2.1.2 Related Literature

In addition to the disparities faced by immigrants in various dimensions mentioned

earlier, there is further research on the topic in the Canadian context. Wald and

Fang (2008) examine the earnings gaps that exist between recent immigrants and

Canadian-born workers. They find a major contributor to this gap can be attributed

to overeducation, and to lower returns to this surplus education. However, they do

1Tourists are the only group of those born outside of Canada that the Ontario Works Act does not
provide any sort of exception for with regards to program eligibility.
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note that overeducation of immigrants on average in the employment they find could

potentially be due to surplus education compensating for education of inferior qual-

ity, consistent with the assumptions of human capital theory.

Warman et al (2015) attribute English language proficiency as important in this

regard. They show that new Canadian immigrants on average do not receive a re-

turn to earnings from previous labour market experience from outside of Canada,

the only exception to this being male immigrants with strong English language skills.

English proficiency is also shown to lend itself to higher returns for education from

out-of-country. Frenette (2004) looks at earnings of self-employed immigrants, argu-

ing that barriers faced by immigrants in the labour market at large such as language

ability or domestic educational requirements do not necessarily apply to the self-

employed. For example, according to the enclave hypthesis, many immigrants who

enter self-employment even hold a comparative advantage in serving immigrants in

their community who share the same language or culture. Despite this, it is shown

that, although the earnings gap between self-employed immigrants and self-employed

non-immigrants has not grown over time, the earnings for the self-employed immi-

grants are still in general far lower.

Bloom et al (1995) examines the earnings of subsequent cohorts of Canadian im-

migrants through the 1970s and 1980s. They find a decline over these decades in the

earnings of immigrants and their ability to assimilate in the Canadian labour mar-

ket, which they attribute partly to changes in Canada’s immigration policies over
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time – namely, the introduction of the points system in 1967 for independent class

immigrants which favoured the skilled and educated, and a shift in the late 1970s to

emphasize human rights issues as they related to immigrants and refugees. These

changes lead to relatively fewer applicants to the independent stream, and more to

the family class and refugee class. This swing is reflected by the proportion of immi-

grants admitted in the family and refugee classes, which increased from 26% in 1968

to 65% in the 1980s. This shift also meant a shift toward accepting immigrants from

developing countries, mainly in Asia, Africa, and Latin America, which leads the

authors to also partly attribute the increase in the immigrant earnings gap to racial

discrimination against visible minorities. However, they also argue that this cannot

account for the entire gap, since they find a decline in immigrant labour market

assimilation for immigrants from European countries and the United States as well.

Following up on this, Abbott and Beach (2011) examine earnings differences within

the Canadian immigrant population across categories for cohorts from the 1980s and

1990s. Predictably, they find that economic class immigrants assessed for skills had

the highest earnings by a decent margin across all cohorts. However, they also find

that refugees had easily the highest earnings growth rates for all cohorts.

Discrimination against immigrants has also been attributed to discrimination

against non-white minorities to some extent. Pendakur and Pendakur (1998) exam-

ine earnings differentials between different groups of Canadians based on ethnicity

and immigrant status from a collection of provinces that includes Ontario. They

find earnings gaps relative to Canadian-born white men of 2% for white immigrant
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men and 16% for visible minority immigrant men. Looking at the women of those

groups, they find gaps of 1% and 9%, respectively. After controlling for other char-

acteristics commonly attributed to contributing to immigrant differentials, including

language ability, labour market experience in Canada and abroad, education level,

and where education was attained, similar differentials between white and non-white

immigrants are still observed, implying that discrimination based on race accounts

for part of the immigrant differentials.

Discrimination against different groups in the labour market is mainly thought

to be explained by two theoretical models. The first, taste-based discrimination,

is formally explained by Becker (1957). This model posits that employers with a

dislike of a certain group will avoid hiring applicants from that group, even if they

face a financial penalty from doing so (resulting from situations where not hiring

an applicant from the disliked group means “settling” for hiring someone of lower

productivity). The second model is the model of statistical discrimination, estab-

lished by Phelps (1972). This model involves attributing discrimination against a

certain group to a lack of information on the part of the prospective employer. This

type of discrimination comes about when the employer makes assumptions about

the productivity of an applicant based on statistical information about a group the

applicant belongs to, when information about the specific applicant is not available.

This model can be applied to explain discrimination in labour markets (as well as

in other settings) where it still exists despite a lack of individuals/firms that hold a

hatred or dislike for the discriminated group.
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Oreopoulos (2011) carries out an audit experiment sending out thirteen thousand

resumés for job openings in the Greater Toronto Area to examine whether immi-

grant applicants (who plausibly arrived in Canada under the points-based system)

received fewer interviews, and to what extent these potential disparities could be

explained by statistical discrimination versus taste-based discrimination. Resumés

are submitted to job postings that require a bachelor’s degree with a combination

of “foreign-sounding” names (Chinese, Indian, Pakistani, and Greek) and English

names, foreign and domestically-attained post-secondary education, foreign and do-

mestic work experience, and additional relevant skills such as language ability to test

for discrimination against skilled immigrants through different channels. Oreopou-

los finds a callback rate gap between Canadian-born English-named applicants and

immigrant applicants in general that lines up with the gap between immigrants and

non-immigrants in the unemployment rate. He finds no significant difference between

attaining a post-secondary degree in Canada or abroad, but finds that employers at-

tached much more value to Canadian work experience attained after leaving school.

Specifying fluency in Canada’s official languages is found to have no significant effect

on callback rates for any combination of Canadian/foreign credentials, with follow-up

interviews with recruiters confirming that having a “foreign-sounding” non-English

name often leads to negative assumptions about language abilities, despite direct

mention of them in resumés. This suggests discrimination beyond just statistical

discrimination, or a distrust in the signals included in immigrants’ resumés.
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There is also research into the economic and labour market outcomes of those

who immigrate to Canada as children. Warman et al (2019) look at future earnings of

immigrants who arrived to Canada as children to different immigration categories of

parents. They find that, after controlling for child and parent characteristics, children

of skilled worker category parents still have an earnings advantage as adults over the

children of family class immigrant parents of between 9-14%. Busby & Corak (2014)

also find negative educational outcomes for child immigrants to Canada. Those who

come as teenagers have distinctly lower rates of high school completion than those

who came at a younger age, and connections between high school incompletion and

lower future earnings are drawn.

2.2 Model and Methodology

To measure the likelihood of a recipient finding employment in any given period, an

extended Cox survival analysis model is estimated, looking at each individual social

assistance spell of each recipient.2 The hazard function for person i at time t is given

by equation (2.1),

λ(Xi, Zi(t), t) = λ0(t)exp
[
β0Immi +X ′iβ + Z ′i(t)δ

]
(2.1)

2Survival models in Chapters 2 and 4 of this thesis are estimated using Stata software.
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where Immi represents person i’s immigrant status, Xi represents other time-

invariant covariates, and Zi(t) represents time-varying covariates. The baseline haz-

ard function applied to all recipients’ hazard rates is given by λ0(t); the baseline

hazard is the same for all recipients and spells, but varies over time. This allows

for duration dependence where the baseline probability of exit can be lower as the

duration of the spell increases; however, with the Cox model, this is assumed to be

the same for all recipients, as individual characteristics do not factor into the baseline

hazard function.3 The exponential part of the hazard function by contrast will be

different across recipients and spells since it contains information about the recipient

spell. Of the coefficients in this specification, β0 here is of interest since it represents

the difference in likelihoods of finding employment for immigrant or non-immigrant

recipients when all else is equal.

The results from survival model estimations showcased in later sections are in

the form of hazard ratios, which represent the relative likelihood of exit (i.e. leaving

social assistance). For example, the hazard ratio for the binary immigrant indicator

variable would be given by the following equation:

ĤRImm =
λ̂(XImm=1, t)

λ̂(XImm=0, t)
= eβ̂0 (2.2)

Because of the semiparametric nature of the Cox model, no assumptions are made

about the functional form of the baseline hazard function. This limits the ability to

3Future research with this data could make use of models that allow for duration dependence to be
affected by observed and unobserved heterogeneity to account for variance between recipients.
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estimate marginal effects on the hazard rates for groups, but since the the outcomes

of immigrants relative to non-immigrants are the quantities of interest the hazard

ratios given by estimation of the Cox model are sufficient.

In general, the basic Cox survival model only varies over time through the base-

line hazard portion of the hazard function that is identical for all recipients; for the

purpose of this paper, however, the extended Cox survival model will be estimated

as given in Cameron & Trivedi (2005), which allows for time-dependent covariates

to be included in the exponential portion of the hazard function.

The marginal model from Wei, Lin, and Weissfeld (1994), as specified by Kovace-

vic and Roberts (2002), an offshoot of the conditional risk set model, is also estimated

for robustness; this model specifies the hazard function similar to the extended Cox

model above, but also allows for the baseline hazards to differ for spells of different

orders. For example, the baseline hazard for someone on their first social assistance

spell is assumed to take a different form than that of someone on their second time

on social assistance. The hazard function for the marginal model is given in equation

(2.3), where j represents the order of spell for member spell i.

λj(Xi, Zi(t), t) = λ0j(t)exp
[
β0Immi +X ′iβ + Z ′i(t)δ

]
(2.3)

Although the extended Cox model allows for time-dependent variables, the only

variables that have been treated as such in this analysis are those that one could

expect to change over time (e.g. age, regional unemployment rate, marriage status)



2.2. MODEL AND METHODOLOGY 19

for computational reasons. The main variable of interest in the model, whether the

recipient is an immigrant, has been left as time-independent since this binary descrip-

tor cannot change over time. Because of this, validity of estimated parameters for

this variable hinges on the proportional hazards assumption holding for that variable.

The proportional hazards assumption holds when the hazard ratios are constant

over time, since the hazard ratios for time-independent variables will not have t in

them. A method for graphically testing this assumption is to plot the Kaplan-Meier

observed survival curves for each value of a binary variable and compare them to

the Cox predicted curves; the assumption can be argued to hold if the respective

observed and predicted curves are close together (Garrett (1997)).

The observed and predicted curves for non-immigrants and immigrants (immigrant =

0 and immigrant = 1, respectively) can be seen in Figure 2.1. The pairs of curves

are very close together, so it can safely be assumed that the hazard ratios for the

binary immigrant indicator are constant over time.

Linear probability models looking at the probability of returning to social assis-

tance after leaving will be estimated to gauge the probability of recipients maintaining

employment once finding it. These models are given by equation (2.4)

Pr(Yi = 1|Immi, Xi) = β0Immi +X ′iβ + εi (2.4)

Here, Yi represents a dummy variable indicating whether or not recipient spell i
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Figure 2.1: Observed and predicted survival curves by immigrant status

returns to social assistance within one year or within two years of their current spell

ending. Probit models are also estimated to predict the effects of different factors on

the probability of return.

Other outcomes are estimated to provide a wider look at the experiences of these

social assistance recipients, including social assistance spell duration, and the num-

bers of spells and months on assistance experienced by social recipients within 5

years of first entering social assistance, and within 10 years of entering.
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Estimated dependent variable models are estimated to examine the correlations

between regional characteristics and the immigrant differentials in likelihood of exit-

ing social assistance. Although relatively few observations are available to estimate

the second stages of these models, and so limited statistical inference can be made,

the results of these estimations are included in Appendix A for robustness.

2.3 Data and Sample Selection

2.3.1 Data

The data come from a pilot project in conjunction with the Ontario Ministry of Com-

munity and Social Services. The raw administrative dataset follows Ontario Works

recipients and their benefit unit (family) members with monthly observations from

January 2003 to December 2013.

From the monthly data, social assistance spells for each recipient are constructed.

A social assistance spell is defined as the consecutive months of benefit receipt for

enrollees of OW. Note that an individual recipient can therefore have multiple as-

sistance spells if they leave the program and then re-enroll at a later date. For the

survival analysis portion of the paper, data is left in panel form where, for each unique

member spell, variables are observed monthly. A cross-sectional dataset where each

observation constitutes a unique member spell is formed for the rest of the analysis.

For time-varying covariates (such as age, marital status, etc.), the value from the
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last-observed period in the spell is used.

Additional data used in the analysis includes the monthly unemployment rates by

employment insurance (EI) economic regions, and characteristics of the populations

of OW delivery agent regions aggregated up from the individual level using the 2016

Canadian census, including proportions of different population demographics in each

region, and proportions of immigrant demographics by region.

As outlined in the literature review above, proficiency in English plays a role in

the ability of immigrants to assimilate in the Canadian labour market and the degree

to which immigrant differentials in labour market outcomes can be closed. Although

this dataset does contain fields for language ability in the skills data, there are many

missing values. Supplementary data on recipients such as skills in a wealth of cate-

gories, the nature of their most recent employment held, and languages spoken are

not required, and so often are not filled out. Additionally, way the data is recorded

and structured, there are no “0” values for the English proficiency variable – if the

OW office chooses to ask recipients about their proficiency at various languages, they

will only record a “1” for those who can speak each respective language. Because of

this, it is not possible to distinguish between recipients who cannot speak English

and those who did not have their language abilities recorded, as the only observable

values for the English variable are “1”s.

The nature of the structure of the data for this variable and the missing values
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prevents multiple imputation methods from being used to address missing values,

since imputation methods rely on some amount of heterogeneity in non-missing val-

ues to be able to impute missing values. Additionally, for multiple imputation to be

valid, either the missing completely at random (MCAR) assumption or the missing

at random (MAR) assumption must hold in general. The MCAR assumption holds

if the probability that data are missing does not depend on observed or unobserved

data, and the MAR assumption holds if the probability that data are missing does

not depend on unobserved data. This data is likely to be considered missing not at

random (MNAR), since the value of the missing data is related to the probability

that it is missing – a value of “0” will be “missing” with probability 1, while a value

of “1” will be missing at some lower probability.

Additionally, much of the literature looking at returns to work experience at-

tained in Canada use imputed values of work experience, generally assuming them

to be equal to the number of years since being done schooling (or the number of years

since being done schooling and entering Canada, for later immigrants). Because of

the nature of the analysis and the focus on those who are unemployed and on social

assistance, often for multiple different spells, work experience will not be assumed or

imputed as in other research.
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2.3.2 Sample Selection

Since the labour market outcomes of recipients are of interest, the sample is re-

stricted to only primary applicants who are of prime working age (between 25 and

54) and who are reasonably searching for employment. The reasons for applying to

OW are given in the dataset but are plagued by missing values. Because of this, any

recipients who have a non-missing reason for applying to social assistance that pre-

cludes them from being in the sample of interest (for example, recipients joining OW

while waiting to transfer to the Ontario Disability Support Program) are dropped

from the sample. In addition to this, further analysis is conducted on the portion

of this sample that consists only of immigrant recipients, and on the portion of the

sample consisting of immigrant recipients who immigrated to Canada before the age

of 18. Lastly, left- and right-censored spells are dropped from the samples of interest.

Table 2.1 showcases descriptive statistics including social assistance characteris-

tics and demographic breakdowns of spells in the main sample of interest, broken

down by immigrant status. Approximately 32.7% of unique member spells in the

sample are connected to immigrant recipients. This is roughly in line with the pro-

portion of immigrants in Ontario.4

Between the average immigrant spell and average non-immigrant spell that are

4The aggregated figure from the 2016 Census has the Ontario population made up of approximately
28.6% immigrants.
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Table 2.1: Descriptive statistics

Immigrant spells Non-immigrant spells All spells
Spell duration 12.526 8.816 10.029
Return rate (1yr) (%) 25.97 39.09 34.80
Return rate (2yr) (%) 34.08 50.92 45.42

Age 25-34 (%) 37.57 44.98 42.56
Age 35-44 (%) 37.66 33.71 35.00
Age 45-54 (%) 24.78 21.31 22.44

Grade 1-6 (%) 3.06 0.58 1.39
Grade 7-8 (%) 3.86 3.65 3.72
Some H.S. (%) 15.89 37.52 30.45
Grad. H.S. (%) 32.90 34.40 33.91
Post-Secondary (%) 44.29 23.85 30.53

Male (%) 63.03 66.42 65.31

Single childless (%) 62.95 76.26 71.91
Single parent (%) 15.88 14.49 14.95
Married childless (%) 5.38 3.32 3.99
Married parent (%) 15.79 5.93 9.15

Urban (%) 98.86 88.07 91.60
N 203,968 420,175 624,143

part of the sample, there is some heterogeneity. First off, immigrants on social assis-

tance have, unconditional on other characteristics, spells that are around fifty percent

longer than non-immigrants, but have lower rates of returning to social assistance

after leaving.

Immigrant recipients tend to skew older in the age distribution than their non-

immigrant counterparts. Additionally, their educational attainment is more polarized
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within the sample; they are much more likely than non-immigrants to have less than

a grade 7 level education, but at the same time are nearly twice as likely to have

a post-secondary level of education. This may be counterintuitive given that one

might expect higher educational attainment to correspond to better labour market

outcomes (i.e. less time spent on social assistance before finding employment).

Looking at demographic makeup of the two subgroups, the gender distribution

is roughly the same, where males are approximately twice as likely as females to

be the primary beneficiary for the benefit units in the sample. Immigrant recipients

however are more likely to be married, and are also more concentrated in urban areas.

Table 2.2: Immigrant sample by category and status

Immigrant category
Applicant for landing in Canada (%) 1.9
Independent immigration (%) 0.5
Family class immigrant (%) 20.6
Refugee Claimant (%) 28.1
Other / Not stated (%) 48.9

Immigrant status
Canadian citizen (%) 43.2
Convention refugee (%) 2.9
Permanent resident (%) 30.7
Refugee claimant (%) 22.3
Other / Not stated (%) 0.9
N 203,968

Table 2.2 gives a breakdown of the immigrant portion of the sample by immi-

gration category (the category under which they entered Canada as immigrants),
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and immigration status (their current status on the path toward citizenship at the

time of observation). Immigration category is not recorded as reliably in the data

as current status, since their status affects eligibility for social assistance but cat-

egory does not. Almost half of immigrant observations do not have their category

recorded or are grouped into an “Other” category. Around a fifth came as family

class immigrants, and over a quarter came as refugee claimants; these proportions are

somewhat roughly equivalent to the proportions of these classes that are admitted

into Canada annually. Family class immigrants were not recorded as a category in

the data until 2006, before which they were grouped in the “Other” caetgory, and so

are underrepresented in this distribution. Independent immigration reflects a subset

of economic class immigrants, so other economic class immigrants are likely included

in the “Other” category, since, although one would expect economic class immigrants

to be relatively underrepresented on social assistance, the proportions observed here

are significantly lower than the proportion of economic class immigrants entering

Canada annually.

Looking at immigration status, the large majority of the sample is made up

of immigrants who have attained Canadian citizenship, permanent residents, and

refugee claimants.5 One could argue that immigrants are inherently less likely to

return to social assistance because of the possibility of them returning to their home

country. However, although for certain portions of the immigrant population this is

5Other immigrant statuses accounted for but whose estimates are not included in the table include
applicant for permanent residence, those on a temporary residence visa, those with a temporary
resident permit (formerly known as the Minister’s permit), those on a student visa, and actionable
and inactionable deportees.
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a possibility, it is worth noting that around 75% of the immigrant subsample has

permanent residence or Canadian citizenship, which displays some level of commit-

ment to staying in Canada. Additionally, almost 3% of observations are convention

refugees (refugee claimants who have had their claims approved), who are also un-

likely to return to their country of origin, albeit for different reasons. The portion

of immigrants that are refugee claimants at the time of observation may go on to

have their claims denied; to address this, analysis below will also be carried out by

immigrant status to distinguish between these groups.6

Table 2.3: Age at immigration statistics

Years landed 14.346
(11.2918)

Mean age at arrival 25.191
(12.1627)

0-4 (%) 6.81
5-9 (%) 7.13
10-14 (%) 7.88
15-19 (%) 9.57
20-24 (%) 13.44
25-29 (%) 18.48
30-34 (%) 15.04
35-39 (%) 10.33
40+ (%) 11.32
N 203,968

Table 2.3 looks at statistics relating to the age at immigration for the immigrant

portion of the sample. The average immigrant on social assistance in the sample

6To give an idea of the probability of claim denial, from the period of 2007-2017, the ratio of failed
refugee claimants to total claimants in a given year ranges from approximately 0.217 to 0.676
(Statistics Canada, 2019).
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came to Canada around age 25, and has been here for over fourteen years. The

distribution of age at time of immigration is skewed older, with nearly half having

come between the ages of 20-34.

Table 2.4: Immigrant sample by year of immigration

<1965 (%) 1.49
1965-1969 (%) 2.68
1970-1974 (%) 4.2
1975-1979 (%) 4.66
1980-1984 (%) 4.95
1985-1989 (%) 11.84
1990-1994 (%) 13.44
1995-1999 (%) 11.33
2000-2004 (%) 21.12
2005+ (%) 24.29
N 203,968

Proportions of different cohorts of immigrants in the sample are presented in Ta-

ble 2.4. Interpretation is different for the cohorts at the ends, since those coming

before 1965 are less likely to be in the age range of interest (24-54) during the period

of observation and so are expected to be underrepresented here, and so too are the

cohort arriving after 2005 since this is several years into the window of observation.

However, it is clear that the more recent cohorts of immigrants are more heavily

represented in the sample, which could be because of two reasons. First, this could

represent a shift in the makeup of immigrants admitted into Canada over time, as

mentioned earlier; a change in immigration policy toward accepting more immigrants

of the categories that are more likely to be on social assistance would translate to
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more recent immigrants being overrepresented here. Second, this could be reflective

of the convergence of immigrant and non-immigrant outcomes that is sometimes ob-

served, as also mentioned earlier; those who have been in the country longer, all else

equal, may be “performing” better in the labour market and thus be less likely to

require social assistance.

Descriptive statistics for each category of entry into Canada for immigrants are

presented in Table 2.5. The independent immigrant and refugee claimant categories

share several similarities, having lower return to social assistance rates than average,

and being more heavily male than average. However, the refugee claimant category

has the longest average spell lengths of all groups, and this subsample skews younger

and less educated, where the independent immigration category is much more likely

to have a post-secondary education than any other category. By contrast, the family

class group has the lowest average spell length, but higher return rates that are com-

parable to those of applicants for landing. The nature of the “other” or not stated

category group makes inference about their attributes based on these statistics dif-

ficult.

Descriptive statistics showing the average recipient of each immigrant status in

the data is given in Table 2.6. Refugee claimants have the longest spell lengths and

lowest return to social assistance rates (apart from the “Other / Not stated cate-

gory”, about which, again, it is hard to make any claims). As speculated earlier, the

lower return rates may be attributable at least partially to claimants whose claims
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get denied and return to their country of origin or otherwise leave Canada. However,

the fact that convention refugees, whose claims have already been approved, also

have higher spell lengths and lower return rates allows for inference that those that

come as refugees are on average also more likely to stay on social assistance longer

before finding employment, but less likely to return after leaving even when staying

in the country (relative to those who currently have citizenship or permanent resi-

dency). The two refugee categories also skew younger, more heavily male, and less

educated, which are other contiguous factors that may work toward explaining their

outcomes.

Table 2.7: Descriptive statistics by age at immigration

0-4 5-9 10-14 15-19 20-24 25+
Spell length 9.45 9.87 10.47 10.66 11.57 14.16
Return rate (1yr) (%) 36.94 36.66 35.15 32.98 27.84 20.09
Return rate (2yrs) (%) 48.38 48.4 46.33 43.73 36.91 26.13
Age
25-34 (%) 36.71 46.81 58.15 51.46 46.56 25.74
35-44 (%) 40.02 34.01 24.77 31.72 36.08 41.12
45-54 (%) 23.27 19.17 17.08 16.83 17.36 33.14
Male (%) 64.95 64.17 60.61 59.25 58.89 64.6
Grade 1 -6 (%) 0.24 0.25 0.43 2.08 3.14 4.3
Grade 7-8 (%) 2.62 1.79 1.66 2.67 3.91 4.77
Some HS (%) 27.23 26.85 25.7 21.91 13.98 10.99
Grad. HS (%) 35.82 37.46 37.72 37.65 39.23 28.81
Post-Secondary (%) 34.09 33.65 34.5 35.68 39.75 51.14
Urban (%) 95.16 97.28 98.34 99.01 99.2 99.54
N 13809 14453 15982 19409 27246 111885

Table 2.7 presents descriptive statistics for immigrant recipients by categories re-

flecting the age at which they came to Canada. In general, the older an immigrant

was when they first came to Canada, the longer their average social assistance spell



2.3. DATA AND SAMPLE SELECTION 34

is, but the lower their probability of returning to social assistance again after they

leave. Those who come when they are older are more situated in urban areas, and

have more polarized educational attainment, being both more likely to have never

attended high school, as well as more likely to have a post-secondary education.

In this way, those who came to Canada at younger ages are more similar to the

non-immigrant portion of the sample, which possibly speaks to some degree of the

type of assimilation into Canadian society that immigrants may experience over time.

Table 2.8 contains descriptive statistics for the immigrant portion of the sample

of analysis stratified by immigration cohort in five-year blocks. Although the end-

points of these categories will be biased in age and age at arrival of the recipients

(e.g. it is impossible for someone in the sample who came to Canada before 1965

to be under age 35 by the time they’re observed on OW), some value can be gained

from examining the outcomes and average demographics of these groups. Those who

immigrated more recently (regardless of their age at time of arrival) have longer so-

cial assistance spells on average, but have lower rates of return to social assistance.

Educational attainment generally becomes more polarized as the year of immigration

moves closer to the present. Additionally, more recent immigrants are much more

likely to be living in urban areas, whereas those who immigrated further in the past

live in rural areas at a level closer to non-immigrant recipients.
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2.4 Empirical Results

2.4.1 Likelihood of finding employment

Table 2.9: Survival analysis results

Extended Cox model Marginal model
Immigrant 0.836∗∗∗ 0.836∗∗∗

(0.0058) (0.0057)
Age 0.998∗∗∗ 0.997∗∗∗

(0.0002) (0.0002)
Male 1.148∗∗∗ 1.145∗∗∗

(0.0077) (0.0076)
Married 1.005∗∗∗ 1.004∗∗∗

(0.0005) (0.0005)
Grade 7-8 1.037∗ 1.038∗

(0.0158) (0.0158)
Some H.S. 1.089∗∗∗ 1.090∗∗∗

(0.0158) (0.0158)
Grad. H.S. 1.141∗∗∗ 1.143∗∗∗

(0.0165) (0.0166)
Post-Secondary 1.228∗∗∗ 1.232∗∗∗

(0.0185) (0.0186)
Annual FE X X
N 6,048,027 6,048,027

Notes: Additional controls include # of children, urban indicator, age squared, regional unemployment rate,
French indicator, # of dependent adults, first spell indicator, age, employment assistance program enrollment
dummy variables, median level of assistance, married indicator, and EI economic region fixed effects.
Std. errors in parentheses, clustered at the quarter/delivery agent level.
∗ p < 0.05, ∗∗ p < 0.01, ∗∗∗ p < 0.001

Several specifications of survival models are estimated to examine the effects of

different characteristics on the likelihood of exiting social assistance in any given

period, the results of which can be found in Table 2.9. In the table, the first two

columns represent the extended Cox model, and the second column gives the results

from the estimation of the marginal model where the baseline hazard function is
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allowed to differ for spells of different orders. Coefficients in the table represent the

ratios of the hazard rates corresponding to the respective covariate. For example,

the hazard ratio for “Male” gives the probability of a male recipient of exiting social

assistance in a period relative to a female recipient; these are relative likelihoods,

and do not tell us the absolute probabilities of exit for each group.

After controlling for other characteristics of the recipients and their spells, being

an immigrant has a strongly statistically significant effect across models and specifi-

cations. For the basic extended Cox model, immigrants are around 83.6% as likely

as a non-immigrant sharing the same characteristics to exit social assistance in any

given month. When the baseline hazard is allowed to differ across spell orders, the

effect of being an immigrant is still strongly statistically significant, with immigrants

again being 83.6% as likely as non-immigrants to exit.

Other estimates indicate that having higher levels of educational attainment cor-

respond to higher probabilities of exit, as are being male, married, living in a rural

area, being younger, and having fewer children. However, being an immigrant has a

larger effect than all other demographic characteristic effects. For comparison, look-

ing at the first specification and holding all else equal, the difference in likelihood of

finding employment between immigrants an non-immigrants on social assistance is

greater than the difference between having a post-secondary degree versus a Grade

1-6 level education.
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2.4.2 Probability of returning to social assistance

Table 2.10: Return rate results

Linear probability model Probit model
Return (1yr) Return (2yrs) Return (1yr) Return (2yrs)

Immigrant -0.070*** -0.090*** -0.203*** -0.240***
(0.0030) (0.0036) (0.0079) (0.0085)

Age 0.008*** 0.007*** 0.022*** 0.018***
(0.0009) (0.0010) (0.0026) (0.0025)

Male 0.028*** 0.031*** 0.079*** 0.087***
(0.0017) (0.0016) (0.0053) (0.0049)

Married -0.048*** -0.062*** -0.140*** -0.159***
(0.0032) (0.0038) (0.0104) (0.0110)

Grade 7-8 0.037*** 0.051*** 0.119*** 0.148***
(0.0057) (0.0065) (0.0182) (0.0191)

Some H.S. 0.062*** 0.085*** 0.191*** 0.243***
(0.0049) (0.0055) (0.0160) (0.0166)

Grad. H.S. 0.027*** 0.042*** 0.099*** 0.131***
(0.0048) (0.0054) (0.0162) (0.0169)

Post-Secondary 0.003 0.010 0.030 0.045
(0.0051) (0.0057) (0.0179) (0.0188)

Quarterly FE X X X X
N 624,143 624,143 624,143 624,143

Notes: Additional controls include # of children, urban indicator, age squared, regional unemployment rate,
French indicator, # of dependent adults, first spell indicator, age, employment assistance program enrollment
dummy variables, median level of assistance, married indicator, and EI economic region fixed effects.
Std. errors in parentheses, calculated using 200 bootstraps clustered at the quarter/delivery agent level.
∗ p < 0.05, ∗∗ p < 0.01, ∗∗∗ p < 0.001

For examining the likelihood of returning to social assistance (and implicitly the

likelihood of maintaining employment), Table 2.10 gives the results obtained from

estimating linear probability models and probit models, with the probability of re-

turning to social assistance within one and two years after leaving as the dependent

variables, respectively. The amounts given in Table 2.10 reflect the coefficients for

the linear probability models and the probit models.
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The linear probability model results estimate that, after controlling for other co-

variates, immigrants are actually approximately 7.0% less likely than non-immigrants

to have to return to social assistance within one year of leaving due to finding em-

ployment, and 9.0% less likely to return within two years of leaving (both results be-

ing statistically significant at the p=0.001 level). Estimating the effects using probit

models finds effects that are qualitatively similar, relative to the other characteristics.

Again, being an immigrant has a larger effect on an outcome metric than gender,

being married, or having any amount of education above a Grade 1-6 level. Similar

to immigrants, women are less likely to exit social assistance in a given month but

also less likely to return within one to two years of leaving. Although the labour

market situations facing immigrants and women are very different, the similar re-

sults could be partially capturing some degree of labour market discrimination that

both groups can face. Having any education level above Grade 1-6 makes a recipient

statistically significantly less likely to return to social assistance after leaving (with

the surprising exception of having a post-secondary education), but the effect does

not increase with each subsequent level of education.

As mentioned earlier, it could be argued that immigrant recipients may have a

lower rate of returning to social assistance because they may leave the country or

return to their country of origin if they are not able to find or maintain employment

to a satisfactory degree. However, this issue is mitigated by the fact that the large
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majority of immigrants in the sample are Canadian citizens or permanent residents,

and thus are more settled in the country and less likely to go through the effort of

relocating once again. A non-negligible portion of the sample is also made up of

refugee claimants, who may face danger if they were to return to their home country,

by definition. Beyond this, they may be relocating to other provinces or territories

within Canada and thus would not be able to qualify for Ontario social assistance

again, but this is equally a concern for non-immigrant recipients, and so can be ig-

nored.

2.4.3 Additional outcomes

Table 2.11 gives a selection of the results from basic linear regressions examining

characteristic effects on additional outcomes. The first column of Table 2.11 gives

the effects of different covariates on the average duration of a social assistance spell

in months. The second to fifth columns of the table give the effect on the cumulative

number of spells or number of months (respectively) that a recipient will spend on

social assistance after their first observed period on OW for subsamples of recipients

that are able to be observed over a five year period, and over a ten year period.

Again, being an immigrant conditional on other characteristics continues to have

strongly significant effects on social assistance outcomes. Being an immigrant adds

an average of around 1.6 months to a social assistance spell, which is a non-negligible

amount of time, given that the overall average duration of the sample of interest is
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Table 2.11: Additional outcome estimation results

5-year outlook 10-year outlook
Spell duration # of spells # of months # of spells # of months

Immigrant 3.275*** -0.274*** 1.889*** -0.450*** 0.284
(0.1162) (0.0100) (0.1286) (0.0217) (0.3137)

Age 0.492*** -0.006 1.124*** 0.155*** 2.168***
(0.0327) (0.0055) (0.048) (0.0075) (0.1279)

Male -1.687*** 0.222*** -0.912*** 0.404*** -0.632***
(0.0832) (0.0073) (0.0816) (0.0200) (0.179)

Married -0.441*** -0.121*** -1.015*** -0.164*** -2.168***
(0.1009) (0.0102) (0.1392) (0.0220) (0.3212)

Grade 7-8 -1.101*** 0.126*** -0.176 0.155*** 2.072**
(0.2327) (0.0147) (0.3298) (0.0296) (0.7422)

Some H.S. -1.697*** 0.224*** -0.337 0.319*** 2.437**
(0.2304) (0.0127) (0.3566) (0.0317) (0.7225)

Grad. H.S. -2.056*** 0.068*** -1.623*** 0.117*** 0.173
(0.2307) (0.0121) (0.3341) (0.0326) (0.7031)

Post-Secondary -2.772*** 0.018 -3.024*** -0.034 -2.201**
(0.2469) (0.0122) (0.3315) (0.0303) (0.6871)

Quarterly FE X X X X X
N 624,143 319,813 319,813 114,428 114,428

Notes: Additional controls include # of children, urban indicator, age squared, regional unemployment rate,
French indicator, # of dependent adults, first spell indicator, age, employment assistance program enrollment
dummy variables, median level of assistance, married indicator, and EI economic region fixed effects.
Std. errors in parentheses, calculated using 200 bootstraps clustered at the quarter/delivery agent level.
∗ p < 0.05, ∗∗ p < 0.01, ∗∗∗ p < 0.001

just over 10 months. Over a five year period after first being observed on social

assistance, being an immigrant will also on average lead to a decrease in the number

of additional social assistance spells experienced, and an increase in the number of

months spent on social assistance cumulatively. This is in line with results discussed

earlier, since it implies that immigrants will spend more time on social assistance

having already entered the program, but will come back to OW fewer times than

non-immigrants. However, over a ten year period, the number of spells continues to
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be lower for immigrant recipients, but there is no longer a statistically significant dif-

ference between the two groups for the number of months spent on social assistance.

This seems to indicate that, similar to research on certain other outcomes, those of

immigrants and non-immigrants in this case converge over a long enough period.

2.4.4 Age at immigration

Model estimations have also been carried out with the binary immigrant variable

replaced with a categorical variable separating immigrants by the age at which they

came to Canada, the results of which can be found in Tables 2.12 and 2.13. The

hazard ratios for the different age at immigration categories, which are also plotted in

Figure 2.2, show that the older a recipient was when they first came to Canada, the

less likely they are to exit social assistance in a given period. However, it is of note

that all categories of ages are less likely to exit each period than non-immigrants.

The same applies to return rates to social assistance, which are lower for all immi-

grant categories, and decrease as age at time of immigration increases. Although the

differences between non-immigrants and those who immigrated under the age of five

are small, they are still found to be statistically significant. This implies that some

characteristic of those who came at an age so early in their development differentiates

them from their non-immigrant counterparts after controlling for other covariates.

Although language and whether education is obtained domestically are not observed

in the data and thus cannot be controlled for, it may be reasonable to assume that

this group of immigrants have language abilities similar to non-immigrants, and their
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Table 2.12: Age at immigration results

Extended Cox model LPM
Hazard ratio Return (1yr) Return (2yrs)

0-4 0.975** -0.01** -0.011*
(0.0093) (0.004) (0.0044)

5-9 0.951*** -0.012** -0.009*
(0.009) (0.0036) (0.0042)

10-14 0.915*** -0.024*** -0.027***
(0.0095) (0.0038) (0.0044)

15-19 0.902*** -0.038*** -0.043***
(0.0081) (0.004) (0.0044)

20-24 0.862*** -0.075*** -0.093***
(0.0081) (0.0035) (0.0038)

25-29 0.798*** -0.108*** -0.142***
(0.0076) (0.0046) (0.0053)

30-34 0.782*** -0.112*** -0.148***
(0.0084) (0.0046) (0.0055)

35-39 0.74*** -0.116*** -0.155***
(0.0093) (0.0056) (0.0065)

40+ 0.692*** -0.111*** -0.161***
(0.0099) (0.0068) (0.0079)

Quarterly FE X X
Annual FE X
N 6,048,027 624,143 624,143

Notes: Additional controls include gender, married indicator, educational attainment, # of children, urban
indicator, age, age squared, regional unemployment rate, French indicator, # of dependent adults, first spell
indicator, age, employment assistance program enrollment dummy variables, median level of assistance, married
indicator, and EI economic region fixed effects.
Std. errors in parentheses, clustered at the quarter/delivery agent level.
∗ p < 0.05, ∗∗ p < 0.01, ∗∗∗ p < 0.001



2.4. EMPIRICAL RESULTS 44

Figure 2.2: Survial analysis hazard ratios by age at arrival to Canada

education must have been obtained entirely or near-entirely in Canada as well. Their

experiences are not necessarily perfectly equivalent to non-immigrants, but having

been in Canada through the big majority of their formative years and likely having

similar education experiences, they can be more closely directly compared to non-

immigrants. If this is the case, then these results could potentially be indicative of

racism or xenophobia faced in the labour market by those who immigrated before

age five (though again, race of recipients is not observed and immigrants cannot be

assumed to be visible minorities).

Table 2.13 showcases the effects of the categorical immigrant age at arrival vari-

able on cumulative months and spells spent on social assistance over five and ten
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Table 2.13: Age at immigration results

5-year outlook 10-year outlook
Cumul. spells Cumul. months Cumul. spells Cumul. months

0-4 -0.059*** 0.241 -0.114*** -0.317
(0.0137) (0.1742) (0.0316) (0.4117)

5-9 -0.048*** 0.678*** -0.031 1.206*
(0.0133) (0.1759) (0.0287) (0.5314)

10-14 -0.133*** 0.95*** -0.153*** 1.192**
(0.0123) (0.1836) (0.0289) (0.3509)

15-19 -0.174*** 0.585*** -0.253*** 0.164
(0.0136) (0.1542) (0.028) (0.3216)

20-24 -0.302*** 0.786*** -0.438*** -0.345
(0.0088) (0.1525) (0.0199) (0.3193)

25-29 -0.404*** 1.638*** -0.631*** -0.864
(0.0124) (0.248) (0.0307) (0.582)

30-34 -0.371*** 2.201*** -0.669*** -0.529
(0.0148) (0.2393) (0.0326) (0.5008)

35-39 -0.351*** 3.375*** -0.635*** 0.62
(0.0162) (0.2985) (0.0367) (0.7072)

40+ -0.297*** 5.187*** -0.506*** 2.74***
(0.0167) (0.2971) (0.0379) (0.6907)

Annual FE X X X X
N 319,813 319,813 114,428 114,428

Notes: Additional controls include gender, married indicator, educational attainment, # of children, urban
indicator, age, age squared, regional unemployment rate, French indicator, # of dependent adults, first spell
indicator, age, employment assistance program enrollment dummy variables, median level of assistance, married
indicator, and EI economic region fixed effects.
Std. errors in parentheses, clustered at the quarter/delivery agent level.
∗ p < 0.05, ∗∗ p < 0.01, ∗∗∗ p < 0.001

year periods after their first observation on social assistance. Immigrants of all age-

at-arrival groups experience fewer spells than non-immigrants after both five and ten

years. In contrast to the results in Table 2.12, however, they do not monotonically

increase or decrease with age at arrival, instead peaking with those who came at ages

25-29 and 30-34, respectively, having the fewest number of social assistance spells.
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For the cumulative number of months spent on social assistance over five years,

however, the higher the age at arrival for an immigrant, the more months they will

have spent on social assistance, with those who immigrated before age five not having

a statistically significantly different number of months than non-immigrants. Over

ten years, these results diverge, where only those who came between ages five to

fourteen and forty and above have statistically significantly more months spent on

social assistance than non-immigrants. Those who immigrated before age five and

between ages fifteen and thirty-nine, however, have converged with non-immigrants

over this time period.

Appendix B compares non-immigrants and immigrants who came before age five

using nearest-neighbour matching to examine labour market outcomes to expand on

the results outlined in this section. Specifically, no statistically significant difference

is found between non-immigrants and those immigrating at a young age when ex-

amining social assistance spell duration and rates of returning to social assistance.

Evidence of differences between these groups is mixed and depends on the type of

modelling used. Both methods, however, find that this subsample of immigrants

have statistically significantly fewer spells of social assistance in the long term than

their non-immigrant counterparts.
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Table 2.14: Immigrant category results

Extended Cox model LPM
Hazard ratio Return (1yr) Return (2yrs)

Applicant for landing 0.851*** -0.041*** -0.059***
(0.0166) (0.0062) (0.0073)

Independent Immigrant 0.809*** -0.076*** -0.11***
(0.0351) (0.0139) (0.0159)

Refugee Claimant 0.739*** -0.134*** -0.181***
(0.011) (0.0056) (0.0067)

Family Class 0.918*** -0.034*** -0.042***
(0.0142) (0.0032) (0.0033)

Other / Not stated 0.851*** -0.056*** -0.069***
(0.008) (0.0027) (0.0032)

Quarterly FE X X
Annual FE X
N 6,048,027 624,143 624,143

Notes: Additional controls include gender, married indicator, educational attainment, # of children, urban
indicator, age, age squared, regional unemployment rate, French indicator, # of dependent adults, first spell
indicator, age, employment assistance program enrollment dummy variables, median level of assistance, married
indicator, and EI economic region fixed effects.
Std. errors in parentheses, clustered at the quarter/delivery agent level.
∗ p < 0.05, ∗∗ p < 0.01, ∗∗∗ p < 0.001

2.4.5 Immigrant category

Table 2.14 contains results with the binary immigrant indicator variable replaced

with a categorical variable based on the immigration category of admission to Canada.

All categories of immigrants are both less likely to exit social assistance and less likely

to return than non-immigrants. Those who came as refugee claimants are the both

the least likely to exit social assistance, as well as least likely to return. As discussed

earlier, this may be partially explained by refugee claimants who have their claims

denied being forced to leave Canada. However, this category also includes those

who had their claims approved in the past and went on to gain permanent residence
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or citizenship. In contrast, those who entered as family class immigrants have the

highest probability of exit and the lowest return rates.

Table 2.15: Immigrant category results

5-year outlook 10-year outlook
Cumul. spells Cumul. months Cumul. spells Cumul. months

Applicant for landing -0.187*** 2.006*** -0.349*** 1.81***
(0.0234) (0.3786) (0.04) (0.5842)

Independent Immigrant -0.24*** 1.491*** -0.458*** 0.106***
(0.0356) (0.6064) (0.0554) (1.0084)

Refugee Claimant -0.459*** 3.706*** -0.851*** -1.151***
(0.0165) (0.325) (0.0377) (0.6962)

Family Class -0.186*** 0.812***
(0.0131) (0.1902)

Other / Not stated -0.221*** 1.384*** -0.377*** 0.501***
(0.0091) (0.1006) (0.0154) (0.2488)

Annual FE X X X X
N 319,813 319,813 114,428 114,428

Notes: Additional controls include gender, married indicator, educational attainment, # of children, urban
indicator, age, age squared, regional unemployment rate, French indicator, # of dependent adults, first spell
indicator, age, employment assistance program enrollment dummy variables, median level of assistance, married
indicator, and EI economic region fixed effects.
Std. errors in parentheses, clustered at the quarter/delivery agent level.
∗ p < 0.05, ∗∗ p < 0.01, ∗∗∗ p < 0.001

As seen in Table 2.15, all categories again have fewer spells and more months on

social assistance over five years relative to non-immigrants. Again, refugee claimants

and family class immigrants are at opposite extremes, with those who came as refugee

claimants having the fewest spells, as well as the most months, and vice versa for

those who came as family class immigrants. Family class was not made available as

a category in the data until 2006, so they are not observable over a ten year period.

For the other categories, all have even fewer spells than non-immigrants over this
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period. However, for cumulative months spent on social assistance over ten years,

refugee claimants become the only category to have fewer months on social assistance

than non-immigrants.

2.4.6 Immigrant status

Table 2.16: Immigrant status results

Extended Cox model LPM
Hazard ratio Return (1yr) Return (2yrs)

Canadian Citizen 0.905*** -0.047*** -0.055***
(0.0055) (0.0023) (0.0026)

Convention Refugee 0.882*** -0.111*** -0.149***
(0.0143) (0.0071) (0.0078)

Permanent Resident 0.852*** -0.046*** -0.062***
(0.0078) (0.003) (0.0035)

Refugee Claimant 0.644*** -0.177*** -0.243***
(0.0112) (0.006) (0.0072)

Visitor/Applicant for Landing 0.794*** -0.126*** -0.128***
(0.0398) (0.0201) (0.0214)

Other / Not stated 0.88*** 0.05*** 0.075***
(0.0244) (0.0133) (0.0146)

Quarterly FE X X
Annual FE X
N 6,048,027 624,143 624,143

Notes: Additional controls include gender, married indicator, educational attainment, # of children, urban
indicator, age, age squared, regional unemployment rate, French indicator, # of dependent adults, first spell
indicator, age, employment assistance program enrollment dummy variables, median level of assistance, married
indicator, and EI economic region fixed effects.
Std. errors in parentheses, clustered at the quarter/delivery agent level.
∗ p < 0.05, ∗∗ p < 0.01, ∗∗∗ p < 0.001

Estimates by immigrant status are given in Table 2.16. When controlling for
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current immigration status of recipients, all status categories again have lower like-

lihoods of exiting social assistance and of returning to social assistance relative to

non-immigrants, apart from the “Other / Not stated” category who are more likely

to return to social assistance than non-immigrants. However, this group accounts

for less than one percent of the immigrant portion of the sample, and due to the

nature of the category, it is difficult to take inference from this. Refugee claimants

have the lowest probabilities of exit and return, though as mentioned earlier, this

could be explained by denial of their claims. Convention refugees are a better mea-

sure of labour market outcomes for refugees, since their claims have already been

approved, and they are able to stay in Canada. This group is less likely to return to

social assistance than both immigrants with citizenship and permanent residence. It

could be argued that refugees may be more likely to accept any job they find, given

the precarity of the previous living situations many have faced. Although this may

explain a lower return rate to social assistance, since keeping a job others may not

have would preclude them from returning to assistance, it does not explain why they

also face lower likelihoods of exiting, where willingness to accept any job offer should

theoretically lead to higher likelihoods of exit.

Table 2.17 features estimates controlling for immigrant status looking at five

and ten year outlook outcomes. Similar to the immigrant category estimates in

Table 2.15, all groups experience fewer spells but more months over five years. Af-

ter ten years, all groups have experienced even fewer social assistance spells than

non-immigrants, aside from the “Other / Not stated” category. This category and
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Table 2.17: Immigrant status results

5-year outlook 10-year outlook
Cumul. spells Cumul. months Cumul. spells Cumul. months

Canadian Citizen -0.167*** 0.607*** -0.264*** 0.18
(0.0068) (0.0847) (0.0129) (0.2173)

Convention Refugee -0.397*** 2.171*** -0.636*** 0.261
(0.0191) (0.3385) (0.0382) (0.6614)

Permanent Resident -0.209*** 1.804*** -0.347** 1.11***
(0.0099) (0.1174) (0.0222) (0.2687)

Refugee Claimant -0.534*** 4.126*** -0.908*** -0.652
(0.0161) (0.391) (0.0355) (0.7136)

Visitor/Applicant for Landing -0.335*** 2.538*** -0.505*** 0.748
(0.0482) (0.8408) (0.1343) (1.867)

Other / Not stated -0.03*** 2.965*** 0.015 2.147*
(0.0351) (0.4733) (0.1019) (1.0292)

Annual FE X X X X
N 319,813 319,813 114,428 114,428

Notes: Additional controls include gender, married indicator, educational attainment, # of children, urban
indicator, age, age squared, regional unemployment rate, French indicator, # of dependent adults, first spell
indicator, age, employment assistance program enrollment dummy variables, median level of assistance, married
indicator, and EI economic region fixed effects.
Std. errors in parentheses, clustered at the quarter/delivery agent level.
∗ p < 0.05, ∗∗ p < 0.01, ∗∗∗ p < 0.001

permanent residents have still experienced more months on social assistance than

non-immigrants over ten years. The rest of the groups of immigrants, however, have

converged with non-immigrants by this measure, and have not experienced a statisti-

cally significantly different amount of time on social assistance than non-immigrants.

This is especially of note for Canadian citizens and convention refugees, who will

likely remain in the country similarly to non-immigrants; although they have lower

probabilities of exiting social assistance because of finding employment, over this ten

year period their time on social assistance will have converged with non-immigrants.
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2.4.7 Immigration cohort

Table 2.18: Immigration cohort results

Extended Cox model LPM
Hazard ratio Return (1yr) Return (2yrs)

<1965 1.028 -0.001 0.001
(0.0197) (0.0083) (0.0088)

1965-1969 0.976 -0.007 0.003
(0.0138) (0.0068) (0.0067)

1970-1974 0.967** 0.011* 0.014**
(0.0108) (0.005) (0.0049)

1975-1979 0.952*** -0.007 -0.006
(0.0114) (0.0047) (0.005)

1980-1984 0.918*** -0.022*** -0.026***
(0.0098) (0.0045) (0.0045)

1985-1989 0.897*** -0.047*** -0.055***
(0.0082) (0.0031) (0.0034)

1990-1994 0.857*** -0.055*** -0.062***
(0.008) (0.0035) (0.0038)

1995-1999 0.848*** -0.071*** -0.085***
(0.0087) (0.004) (0.0045)

2000-2004 0.831*** -0.129*** -0.170***
(0.0172) (0.0073) (0.0094)

2005+ 0.680*** -0.118*** -0.169***
(0.0156) (0.0058) (0.007)

Quarterly FE X X
Annual FE X
N 6,048,027 624,143 624,143

Notes: Additional controls include gender, married indicator, educational attainment, # of children, urban
indicator, age, age squared, regional unemployment rate, French indicator, # of dependent adults, first spell
indicator, age, employment assistance program enrollment dummy variables, median level of assistance, married
indicator, and EI economic region fixed effects.
Std. errors in parentheses, clustered at the quarter/delivery agent level.
∗ p < 0.05, ∗∗ p < 0.01, ∗∗∗ p < 0.001

Estimates from models where the immigrant indicator is stratified by immigration

cohort are featured in Table 2.18. As discussed earlier, immigration cohort is tied to
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age given the time frame during which observations are taken and the age restriction

on the sample of interest. To assuage this concern, age and the square of age are con-

tinued to be controlled for. More recent immigrants have statistically significantly

lower probabilities of exiting social assistance, with these probabilities decreasing

monotonically the more recent the cohort is. In addition to this, the more recent

immigrants also have lower probabilities of returning to social assistance. These re-

sults are similar to those of certain immigrant status categories, and may be tied to

immigrant status since those of earlier cohorts have been in the country for longer

(depending on the time of observation) and thus are more likely to be further along

on the path toward attaining Canadian citizenship.

The longer-term outcome estimates examining the effects of immigration cohorts

are featured in Table 2.19. In general, more recent immigrants experience fewer spells

over five after first being observed on social assistance, though experience more cu-

mulative months on OW. Over a ten year period, however, those who immigrated

before 1980 and those who immigrated after 1995 do not have a statistically signif-

icantly different number of months spent on social assistance than non-immigrants

and have reached convergence by this measure. That this is observed for both those

who immigrated furthest in the past and most recently may be due to differences in

Canada’s intake in immigrants over time.
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Table 2.19: Immigration cohort results

5-year outlook 10-year outlook
Cumul. spells Cumul. months Cumul. spells Cumul. months

<1965 -0.059* -0.151 -0.124** -0.188
(0.0249) (0.2834) (0.0458) (0.4513)

1965-1969 0.022 0.232 -0.000 -0.236
(0.0221) (0.2672) (0.0419) (0.5785)

1970-1974 -0.024 0.381 -0.045 0.063
(0.0162) (0.2421) (0.0353) (0.4016)

1975-1979 -0.080*** 0.358 -0.092** 0.628
(0.0143) (0.209) (0.0285) (0.382)

1980-1984 -0.110*** 0.823*** -0.116*** 1.184**
(0.0136) (0.1777) (0.0257) (0.3725)

1985-1989 -0.160*** 0.812*** -0.268*** 0.745**
(0.0103) (0.134) (0.0187) (0.2645)

1990-1994 -0.203*** 1.289*** -0.365*** 0.844**
(0.0112) (0.1375) (0.0252) (0.2962)

1995-1999 -0.250*** 1.14*** -0.462*** 0.023
(0.0143) (0.1773) (0.0239) (0.4629)

2000-2004 -0.430*** 1.248*** -0.809*** -0.562
(0.0242) (0.2659) (0.0384) (0.6745)

2005+ -0.474*** 5.302***
(0.0152) (0.1954)

Annual FE X X X X
N 319,813 319,813 114,428 114,428

Notes: Additional controls include gender, married indicator, educational attainment, # of children, urban
indicator, age, age squared, regional unemployment rate, French indicator, # of dependent adults, first spell
indicator, age, employment assistance program enrollment dummy variables, median level of assistance, married
indicator, and EI economic region fixed effects.
Std. errors in parentheses, clustered at the quarter/delivery agent level.
∗ p < 0.05, ∗∗ p < 0.01, ∗∗∗ p < 0.001
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2.4.8 Demographic effects

The analysis is again carried out on subsamples stratified by family type, and the

results are shown in Table 2.20. Immigrant married couples with children have the

lowest probability of exiting social assistance in a given period relative to their non-

immigrant counterparts, while single fathers have the highest, followed by single

mothers. This could be explained by the presence of a spouse taking some pressure

off of having to rapidly find work if the spouse has a job, acting as an additional

safety net to some degree. It is also of note that, for single men and single women,

those with children have a higher probability of exiting social assistance, but the

opposite is true of married couples.

Across categories, immigrants without children are more likely to return to social

assistance than those with children, relative to the respective non-immigrants, with

the exception of married couples returning within two years of leaving. In general,

there is again a tradeoff between probability of exiting social assistance and the prob-

ability of returning.

From five years after first joining social assistance, immigrants of all groups expe-

rience fewer spells but more months on social assistance than non-immigrant counter-

parts. Specifically, the immigrant differentials for married couples with and without

children are the largest, with immigrants of these groups experiencing relatively fewer

spells, but relatively more months on assistance.
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Over a ten year period, these immigrant differentials stay relatively similar across

groups, with the main exception of single men. Immigrants of all groups continue

to experience fewer spells over a ten year period than their non-immigrant counter-

parts, to varying degrees. Looking at the cumulative number of months spent on

social assistance over the ten year period after their first social assistance observa-

tion, for single fathers, immigrants have “caught up” to non-immigrants, and don’t

experience a statistically significantly different number of months after this many

years. For single childless men, however, immigrants experience fewer months after

this period. The convergence reached over a ten year period between immigrants

and non-immigrants for this measure in the aggregate sample seems to be largely

driven by the single male population of OW recipients, who are the largest of these

demographics for this population.

Table 2.21: Immigration/gender interaction estimates

Extended Cox model Linear probability model
Hazard ratio Return (1yr) Return (2yrs)

Gender gaps (Male:Female)
Immigrants 1.097∗∗∗ -0.001 -0.002
Non-immigrants 1.166∗∗∗ 0.047∗∗∗ 0.054∗∗∗

Quarterly FE X X
Annual FE X
N 6,048,027 624,143 624,143

Notes: Additional controls include married indicator, educational attainment, # of children, urban indicator,
age, age squared, regional unemployment rate, French indicator, # of dependent adults, first spell indicator,
age, employment assistance program enrollment dummy variables, median level of assistance, married indicator,
and EI economic region fixed effects.
Std. errors in parentheses, clustered at the quarter/delivery agent level.
∗ p < 0.05, ∗∗ p < 0.01, ∗∗∗ p < 0.001

A selection of estimates from two separate regressions examining the effects of
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immigrant status interacted with gender and educational level, respectively, are given

in Tables 2.21 and 2.22. The gender gaps in the likelihood of exiting social assis-

tance are significant for both immigrants and non-immigrants; however, this gender

gap appears more pronounced in the non-immigrant group, where men are over 16%

more likely to exit social assistance in a given period than women, than in the im-

migrant group, where men are only just under 10% more likely to exit than women.

There is also no significant gender gap in the likelihood of returning to social as-

sistance for immigrants, whereas non-immigrant men are more likely to return than

non-immigrant women by 4.7% in one year and 5.4% in two years.

Table 2.22: Immigration/education interaction estimates

Extended Cox model Linear probability model
Hazard ratio Return (1yr) Return (2yrs)

Grade 1-6 x Imm. 0.704∗∗∗ -0.128∗∗∗ -0.165∗∗∗

Grade 7-8 x Imm. 0.729∗∗∗ -0.120∗∗∗ -0.150∗∗∗

Grade 7-8 x Non-imm. 1.019 0.025∗∗ 0.035∗∗

Some HS x Imm. 0.806∗∗∗ -0.061∗∗∗ -0.070∗∗∗

Some HS x Non-imm. 1.056∗ 0.032∗∗ 0.046∗∗∗

Grad. HS x Imm. 0.828∗∗∗ -0.083∗∗∗ -0.098∗∗∗

Grad. HS x Non-imm. 1.105∗∗∗ -0.005 0.001
Post-secondary x Imm. 0.886∗∗∗ -0.097∗∗∗ -0.123∗∗∗

Post-secondary x Non-imm. 1.181∗∗∗ -0.037∗∗∗ -0.040∗∗∗

Quarterly FE X X
Annual FE X
N 6,048,027 624,143 624,143

Notes: Additional controls include gender, married indicator, # of children, urban indicator, age, age squared,
regional unemployment rate, French indicator, # of dependent adults, first spell indicator, age, employment
assistance program enrollment dummy variables, median level of assistance, married indicator, and EI economic
region fixed effects.
Std. errors in parentheses, clustered at the quarter/delivery agent level.
∗ p < 0.05, ∗∗ p < 0.01, ∗∗∗ p < 0.001
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Looking at the interactive effects of immigrant status and education level in Table

2.22, the displayed estimates are the effect of having the respective educational at-

tainment level and immigrant status relative to the baseline group of non-immigrants

with a Grade 1-6 level education. Although both groups experience increasing likeli-

hoods of exit with higher education levels (though the results are not all statistically

significant for non-immigrants), being an immigrant with any level of educational

attainment still makes a recipient less likely to find employment than the baseline

group; for instance, being an immigrant with a post-secondary education (the most

educated category in the study) makes one 88.6% as likely to find employment in a

given period than a non-immigrant with a Grade 1-6 level of education. This may be

a clear demonstration of the devaluing of education attained outside of the country

in the context of the Canadian labour market.

Appendix C contains and expands on results of similar models estimated control-

ling for educational attainment, immigrant age at arrival, as well as the country where

education was attained. Although country of educational attainment is not featured

in the this dataset and many others, it is often imputed based on assumptions relying

on the age at which the immigrant in question immigrated. The assumptions made

and a discussion of the results can be found in the appendix.
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2.5 Conclusion

Examining various labour market and social assistance outcomes for unemployed re-

cipients of social assistance in Ontario between 2003 and 2013, the disparities between

immigrants and non-immigrants are estimated. The results of several specifications

of survival models indicate that immigrants are around 84% as likely to find em-

ployment as non-immigrants in a given period. The estimation of linear probability

models and probit models however estimate that immigrant recipients are actually

less likely to return to social assistance within a year or two of leaving, so although

they are less likely to find employment, they are more likely to maintain employment.

Immigrants generally face fewer social assistance spells than non-immigrants when

looking five and ten years ahead of their first observed presence on OW. Additionally,

although they spend more months on social assistance over these five years, over a

ten year period they have converged with non-immigrants by this measure and do

not have a statistically significantly different amount of time spent on social assis-

tance. This is consistent with much of the literature on immigrant labour market

differentials, where many decline with immigrants’ time spent in Canada.

A recurring theme over the analysis finds lower likelihoods of exit from social

assistance accompanied by lower likelihoods of returning to social assistance. This

may imply that the disparity in likelihood of finding employment is not based on

on-the-job quality of the recipient, if they are less likely to return to social assistance

(implicitly, more likely to maintain employment). If this is the case, lower probabil-

ities of finding employment and exiting social assistance may be evidence of implicit
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bias or some form of discrimination against immigrants in the labour market. Al-

ternatively, this could reflect differences in the job search process, where immigrants

take longer to “match” with a job, but find better matches, and hence maintain the

employment longer than non-immigrants with their matches. Although this cannot

be ruled out, there is not evidence that immigrants would have a different job search

process than non-immigrants. Similarly, it cannot be the case that they would have

the financial resources to afford them to search for a job longer in order to find a bet-

ter match than non-immigrants, given that all of those qualifying for social assistance

must have financial assets below a certain threshold. Additionally, the immigrant

differentials could potentially be explained by differing attitudes toward social as-

sistance. Factions of the immigrant population on social assistance may comprise

those coming from countries with differing views on social assistance receipt. If a

large part of the sample is made up of immigrants holding ingrained stigmas against

social assistance use, one may expect to see lower rates of returning to social assis-

tance for this group, as is the case here. Although such stigma still exists in Canada

to some degree, it is likely relatively less prevalent than in a variety of other countries.

There are also stark differences in the effects of education by immigrant status

on likelihood of finding employment, where being an immigrant with even a post-

secondary level of education makes a recipient less likely to find employment than

a non-immigrant with an elementary school level of educational attainment. This is

at least partly reflective of the devaluation of non-domestically-attained credentials,
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which face direct discrimination by regulations on their recognition, as well as indi-

rect discrimination, evidenced in the literature on immigrant wage differentials.

When the immigrant population is broken down along different dimensions of im-

migrant status, the specific subgroups of the immigrant population most vulnerable

to negative outcomes can be identified. Those who come to Canada at later ages

have the lowest probabilities of exiting social assistance, but also the lowest prob-

abilities of returning. Mixed evidence is found that differences may exist between

non-immigrants and those who immigrated before age five, despite likely proficiency

in Canada’s official languages and similar educational experiences (having likely at-

tained their degrees domestically). Any potential statistically significant differences

between these immigrants and non-immigrants may be capturing bias faced against

immigrants or visible minorities in the labour market. The lower return rates to

social assistance as age at arrival increases also support the idea that stigma against

social assistance use plays a role in explaining these results, since those immigrating

earlier in life would likely hold these attitudes less than those immigrating as adults

from countries where these attitudes are prevalent.

In general, refugee claimants also face lower likelihoods of exiting and returning

to social assistance. This can partly be capturing those who have their claims denied

and are forced to leave Canada (and, by association, its social assistance programs).

However, similar results are found for those who have had their refugee claims ap-

proved. This is consistent with certain examples in the literature, where there is
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evidence of refugees in Canada having worse labour market outcomes, but having

the highest rates of “catching up” to the outcomes of non-immigrants. Similarly,

convention refugees are found to have their cumulative number of months spent on

social assistance converge with non-immigrants over ten years after their first ob-

served time on social assistance.

That time on social assistance for many of the subpopulations of immigrants con-

verges with that of non-immigrants over a ten year period of observation may point

to cultural assimilation or language development as a roadblock toward reaching par-

ity with Canadian-born social assistance recipients. If the economic vulnerability of

immigrants, particularly recent immigrants, is an issue that needs to be addressed on

the path to attaining more inclusive economic growth across the Canadian popula-

tion, these results highlight the importance of programs intended to help immigrants

adjust to their new home and be more easily able to participate in the labour market.
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Chapter 3

Labour market program efficacy:

Evidence from Ontario Works

3.1 Introduction

In the 2016-2017 fiscal year, the province of Ontario spent an estimated $2.8 billion

on financial and employment assistance to beneficiaries of Ontario Works – Ontario’s

social assistance program for residents without disabilities (Government of Ontario

(2016)).1 In addition to representing a considerable amount of public expenditure,

OW provides income support to a substantial swath of the population - roughly

449,000 beneficiaries (over 3.3% of the population) received some form of assistance

from OW in 2016.2 Like many other jurisdictions, Ontario requires recipients of

OW to participate in active labour market programs (ALMPs) – activities such as

job search assistance and job placements (“job-first” programs), and education and

1In all, Ontario spent approximately $8.9 billion on financial and employment supports, roughly
7.3% of all program spending - this includes spending on the Ontario Disability Support Program
and the Ontario Drug Benefit Program.

2This includes all of the members of benefit units (including children and dependants) and comprises
252,900 individual cases (Ontario Ministry of Community and Social Services, 2016).
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training (skills building programs) – as a condition for the receipt of income support.

The ultimate goal of these policies is to prevent dependency on benefits by increasing

the labour market attachment of recipients.

Since 1997, eligibility for the receipt of benefits from the OW program has rested

on meeting asset and income cut-offs and an agreement to participate in an active

labour market program.3 Receipt of employment insurance (EI) benefits generally

precludes OW eligibility, thus many separated workers rejoin the workforce before

becoming eligible for OW. There are no strict limitations on the length of benefit

spells or the cumulative number of months on assistance. Thus, exit from OW is

voluntary (conditional on continued eligibility, i.e. no fraud).4 Caseworkers interview

beneficiaries before assigning them to a particular ALMP, conditioning heavily on

hard information, such as employment history, previous occupation, and educational

attainment, but also soft information such as interpersonal skills and agreeableness

that the caseworker observes during the interview process.

The vast majority of labour market program assignments fall into five categories:

independent job search (IJS), structured job search (SJS), training programs (TP),

placement services (PS) and assignment to both structured job search and training

programs (SJS-TP). Independent job search is the least intrusive of all the programs;

beneficiaries make a commitment to seek out new employment and are left to their

3The asset and income cut-offs depend on family structure (particularly the presence of children);
for example, a single applicant with no dependants faced a cut-off of $2,500 in non-exempt assets.

4This stands in contrast to other well-known social assistance programs such as TANF in the U.S.
which has a 60 month limit on financial benefits over a recipient’s lifetime.
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own devices. Structured job search requires attendance at some combination of peer

job club participation, resumé and interview workshops, and employment referrals.

Training programs include basic education training, literacy training, and job-specific

skills training. Referral to training programs depends largely on the skills of the ap-

plicant. Finally, placement services encompass both direct job placements (with and

without incentives for employers), as well as unpaid community placements.

This paper evaluates the effectiveness of ALMPs in Ontario using an instrumental

variables strategy to take into account the non-random nature of program assign-

ment. In order to do this, the propensity of offices to assign beneficiaries across

programs is used to instrument for ALMP assignment. Similar approaches are used

by Doyle Jr (2007), and Dean et al. (2015). We make use of an exclusive dataset made

available by the Ontario Ministry of Community and Social Services that contains the

administrative records of social assistance beneficiaries in Ontario over 2003-2013, a

period that encompasses the 2008 financial crisis and the subsequent recovery. Mul-

tiple outcomes of interest are considered: the duration of benefit spells, the return

rates to social assistance (whether a person who exits OW re-enrolls within one year

or within two years), and the cumulative number of months and social assistance

spells spent on OW over the five year period following initial enrollment. A social

assistance spell is defined as the number of consecutive months that enrollees in any

of the OW programs received benefits. We consider the program effects on spell du-

ration to be a measure of their short-term efficacy (how effective they are at getting

recipients back into the workforce). By contrast, the effects on the probability of
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return to social assistance and cumulative time spent over five years are measures of

the longer-term efficacy of these programs (how effective they are at helping recipi-

ents find and maintain employment).

Although OW has not been previously studied, a substantial body of research sur-

rounding the effectiveness of different ALMPs in general (for example: Card et al.

(2010, 2015); Brown and Koettl (2015)) and, to a lesser degree, in the Canadian

context (e.g. Handouyahia et al. (2016)). We contribute to this literature by evalu-

ating the treatment effect of active labour market programs on beneficiaries of OW.

Specifically, we quantify the effect of the various programs (described in detail be-

low) on the outcomes mentioned above. One important concern that arises in our

evaluation of these ALMPs is that candidates deemed to need the most assistance

(the least able to transition back into the labour market) could be assigned to more

intensive interventions at higher rates. This means that an OLS regression with

ALMP assignment indicator variables would produce downward biased estimates of

the effectiveness of these more intensive programs. It should be noted that it may

also be the case that program assignment could be made by caseworkers with the

intention of selecting recipients into whichever program may make the caseworker

“look good”, e.g. assignment to programs that lead to quicker social assistance exit

for the sake of a caseworker’s track record. Although this may be a phenomenon

that is present in the data, it is not one that can be accounted for.

Figure 3.1 plots assignment of beneficiaries in our population of interest to the
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Figure 3.1: Labour market program assignment frequency from 2003-2011
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various labour market assistance programs over 2003-2011. No clear trends exist

for several of the programs. However, it appears that recipient assignment to struc-

tured job search has trended upward since 2005. Meanwhile, assignment to direct

placements has had a sharp decline over the period of observation. Additionally,

assignment to independent job search seems to peak after the 2008 recession, which

may be indicative of a need to curtail spending by substituting toward the lower cost

program option.

3.1.1 Related Literature

To our knowledge, there are few academic studies that look at the effectiveness of

Canadian labour market programs for social assistance users. Barrett and Cragg

(1998) and Barrett (2000) are among the first researchers to examine welfare use

duration in Canada. Barrett and Cragg (1998) study the characteristics of British

Columbia welfare recipients and how they affect length of welfare spell, while Bar-

rett (2000) looks at the effect of educational attainment on welfare duration using

data from New Brunswick in the 1990s. Since the findings of these two papers are

correlations between participant characteristics and duration of spells, the authors

do not make any claim about causal relationships. In more recent work, Fortin et al.

(2004) exploit a natural experiment arising from social assistance reform in Quebec

to calculate the elasticities of benefit-spell duration to an unanticipated change in the

benefit level of single recipients, and find statistically significant positive elasticities

between benefit level and spell duration. Our work presents the first causal estimates
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of the impact that active labour market programs have on the use of the receipt of

social assistance benefits over the short- and medium-term in the Canadian context.

There is, however, an extensive literature examining different aspects of social

assistance programs for the unemployed in different countries. The mix of programs

used across jurisdictions range from wage subsidies or the earned income tax credit

in the U.S., to participation in public works as a precondition of social assistance

benefit, on-the-job training, basic literacy and skills training in the classroom, and

job search assistance. In their survey of the literature, Brown and Koettl (2015) find

that effectiveness varies a lot across programs, recipient groups, and when outcomes

are measured (i.e., short-term outcomes – one year out, or medium-term outcomes

– two or three years out). They find that the burden of evidence suggests that the

impacts of programs such as job-training tend to be larger for the long-term un-

employed (this would include OW recipients), that job search programs are likely

to have less problematic effects for labour markets, and that many treatments that

do not show short-term evidence of a statistically significant impact show positive

medium-term impacts. In a similar vein, Card et al. (2010, 2015) present meta-

analyses of published research that estimates the impact of active labour market

programs. Card et al. (2010) finds that classroom and on-the-job training programs

have positive effects over the medium term, whereas job search programs have more

immediate positive effects. Frölich and Lechner (2010) also use an instrumental vari-

able approach exploiting geographic borders when looking at the program effects

on the Swiss unemployed. Grouping ALMPs into a single category, they find that
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being assigned to one increases the probability of employment by approximately 15%.

Our work focuses on the causal impact of training programs on recipients’ out-

comes using administrative data. Since there is no special requirement to enter the

OW program, nor were there any major reforms during our sample period, unlike

most previous work that uses randomized trials or quasi-experimental evidence, we

cannot use the random treatment status of recipients as an instrumental variable, nor

use changes in program eligibility to employ a differences-in-differences estimation

(for examples see Blundell et al. (2004); Ashenfelter et al. (2005)). Previous work us-

ing administrative data to evaluate treatment effects has utilized a propensity score

matching technique (Sianesi, 2004, 2008). However, matching estimators are known

to be quite sensitive to the choice of matching variables and can be strongly biased

when unobserved variables are important for the selection of participants into the

programs (Smith and Todd, 2005). Unlike the highly detailed Swedish administra-

tive data studied by Sianesi, the MCSS dataset provides fewer details about OW

applicants and less information about what is observed by the caseworkers – making

the conditional independence assumption more tenuous. Instead, we opt for an in-

strumental variable approach that gives us a clean and statistically robust estimation

of the treatment effect.

Up to this point ALMPs have been studied in the Canadian context using indi-

viduals receiving employment insurance (EI) benefits, while we study their impact

on recipients of social assistance. This is an important distinction because the labour
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market attachment of the latter group is much weaker. Whereas eligibility for EI

benefits is essentially conditional on minimum job tenure requirements (the amount

payed into the insurance program and the duration of job tenure), receipt of OW

is conditional on meeting income and asset cut-offs. Many OW beneficiaries may

have been ineligible to claim EI benefits following a job separation, and a common

reason for joining OW is the exhaustion of EI benefits. Work by Brown and Koettl

(2015) and Card et al. (2010, 2015) suggests that this group could be differentially

affected by these programs. It follows that any policy aimed at improving the labour

market outcomes of social assistance beneficiaries should be based on evidence that

is pertinent to them.

That said, Park et al. (1996) is one of the earliest studies of the the effectiveness of

government-sponsored training programs EI recipients on post-training wages. They

consider a random sample of EI recipients between January 1988 and 1991 and com-

pare the earnings of people who enrolled in training programs to their counterparts

that did not. They find some positive correlations between enrollment in certain

training programs and higher earnings a year or two later. However, the authors

note that self-selection into the training programs precludes a causal interpretation

of this finding (since more skilled or motivated people could be more likely to enroll

in training programs). In a more recent study, Handouyahia et al. (2016) look at

the impact of three different active labour market programs (Employment Assistance

Services, Skills Development, and Targeted Wage Subsidies) available to people en-

rolled in employment insurance over April, 2002 and March, 2005. They find that
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even controlling for self-selection by participants into the different treatments, all

three lead to statistically significant increases in employment compared to a control

group of untreated EI claimants, with the effects becoming more pronounced over

the medium term. For the two programs that have the most in common with those

accessible to OW beneficiaries, Employment Assistance Services and Skills Devel-

opment, the effects on employment in the first year of the post-program period are

0.6 and 2.4 percentage point increases over control group, respectively. These effects

climb to 1.7 and 4.4 percentage points, respectively, in the fifth year of the post-

program period.

3.2 Model and methodology

3.2.1 Empirical specification

Consider an individual i in the OW program who is enrolled in employment assistance

program j, where j ∈ {SJS, TP, SJS − TP, PS} (representing the categories of

employment assistance programs outlined above).5 We study five outcomes: benefit

spell duration, the one- and two-year rates of return to social assistance after leaving,

and cumulative number of months and spells spent on social assistance within the

five-year period after joining OW. Person i’s outcome, yi, is related to initial program

5Recall that SJS is structured job search, TP is a formal skills training program, SJS-TP is a
combined SJS and TP assignment, and PS is placement services (either paid or volunteer positions).
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assignment j in the following regression model:

yi = β0 +
∑
j∈J

βjProgij +X iγ + εi (3.1)

where Progij is a dummy variable that equals 1 if person i is enrolled in program j,

X i is a vector of control variables, and εi the error term.

Since we are interested in the causal impact of the assistance program on the in-

dividual’s outcome (the βj coefficients), we must address the correlation between the

outcome variable and factors such as local labour market conditions and individuals’

characteristics that are likely to be correlated with the outcomes of interest. The first

step we take to control for confounding factors is to include a rich set of demographic

and economic variables in the regression. For demographic controls, we include age,

gender, highest education level achieved, number of children and dependent adults

in the household, immigrant status, monthly unemployment rate by EI economic re-

gion, whether English or French is their preferred language, an indicator for whether

this is the recipient’s first observed spell in the data, whether individuals live in an

urban or rural area, and the median financial assistance level for similar recipients as

a proxy for the generosity of the system. We also include indicators for general cate-

gories of skills held by the recipient (languages spoken, certificates achieved, licenses

held, etc.), and the occupational classification of the last job held by the recipient6

These skill and NOC code dummy variables are mean-imputed for observations in

6Occupations are classified according to the National Occupational Classification (NOC) system
that was developed by Human Resources and Skills Development Canada.
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which they are missing. We also include two types of fixed effects: EI economic

region/year fixed effects that account for differences in local labour markets faced

by enrollees, and quarter-year fixed effects that account for the fact that recipients

in our dataset are starting their social assistance spells at different points in time.7

The results for program effects of certain ALMPs differ from the results that account

for the time and geographic region of recipients, which may indicate that the effi-

cacy of these programs can be time- or region-specific and vary over these dimensions.

Despite the comprehensive set of controls, unobservable characteristics that cor-

relate with both the outcome variables and the program in which they are assigned

remain a concern. As an illustration of the problem, suppose that the omitted vari-

able is “ability”, denoted Ai. If we consider an outcome, yi, such as spell duration,

we would expect that holding constant other explanatory variables, a higher ability

individual will spend less time on social assistance. In other words, E(yiAi) < 0.

Moreover, all else equal, it is conceivable that a higher ability individual is also more

likely to be assigned to IJS instead of being enrolled in one of the five more inten-

sive employment assistance programs. Thus, we would expect that an individual

enrolled in SJS has lower ability on average than one enrolled in IJS, and a priori

we should expect a longer social assistance spell for someone in SJS than IJS. An

OLS regression that does not control for this unobserved ability would understate

the effectiveness of SJS (measured by β̂SJS) because the pool of individuals in this

program has lower ability on average than the baseline group.

7Estimations for specifications without these additional fixed effects can be found in Appendix E.
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To address this endogeneity issue, we employ an instrumental variables (IV) ap-

proach. To instrument for each Progij , the program participation dummy variable,

we use the share of other recipients at person i’s OW office that get assigned to that

program (j) in the same year. Intuitively, the propensity of the OW office to assign

other people, k where k 6= i, to program j should be uncorrelated with person i’s un-

observed characteristics (e.g. ability) and should only affect person i’s employment

outcome through its effect on program assignment. Similar instruments have been

used in the literature previously, for example, Doyle Jr (2007), and Dean et al. (2015).

The validity of this instrument rests on it being sufficiently correlated with actual

program assignment (the “first stage assumption”), and it satisfying the exclusion

restriction (i.e. that the instrument only affect the outcome through the program

participation variable) (Angrist and Pischke (2008)). For the first stage assumption,

we show in section 3.4.1 that there is a strong correlation between these instruments

and their respective Progij variables. There is also variation in the instrument across

OW in our data.

Although the exclusion restriction assumption is not testable, we would like to

provide a few arguments for its validity and to alleviate this concern. Firstly, the OW

office for each participant is determined by their residential location (postal code),

and they cannot choose which office they are assigned to, this means that the office
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that an individual interacts with is exogenous.8

Secondly, one may worry that the variation in job availability where the pro-

grams are effective may jointly affect the outcome and the menu of program choices

available to the delivery agent. This same problem also arises in Dean et al. (2015),

the papers that inspired our IV strategy. Without precise knowledge of the types of

training activities that the offices provide, we cannot ascertain if they are tailored

to the regional labour market. To account for the bias that may arise, we follow the

approach of Dean et al. (2015) and we include local job market characteristics in

our regressions. Similarly, it may be a concern that variation in program assignment

rates across OW offices may in part be due to differences in the needs or abilities

of the unemployed population across neighbourhoods serviced by these OW offices,

where the neighbourhood in which one lives is then a noisy signal of the specific needs

of the individual recipient, as opposed to being fully attributable to exogenous as-

signment of office staff. Since this is not observed or testable by us, we must proceed

under the assumption that the differences in program assignment propensities are

attributable to the operations of the individual offices themselves. However, Collins

(2016) showcases the results of interviews with OW case managers, and reports that

personal discretion is exercised by case workers and OW office supervisors to a certain

degree in their decisions for recipients, including in assigning services that support

employability. This implies that this methodology should capture these office-level

8In general, postal codes map to a single OW office (to be clear, one office services multiple postal
codes). In the few cases where residents of a postal code have the option to choose among multiple
offices, we aggregate these offices for the purposes of our quantitative analysis.
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differences in exercising of discretion.

It is conceivable that an individual could relocate to a particular region because of

better employment prospects or for which she has private information about program

assignment that is better aligned to her preferences. By choosing her place of resi-

dence – and by extension her assigned OW office – she could influence the leave-out

proportion of program assignment that she faces. This would violate the exclusion

restriction for our IV. However, we do not think that this presents a convincing argu-

ment against our identification for the following reason: suppose an individual does

choose to move to a postal code for the reasons stated above at time t0. She will

engage in job search and if successful, find a job after an exogenous amount of time.

Next, suppose that after an indeterminate amount of time she separates from her job.

At this point, she begins to draw down her savings and applies for unemployment

benefits. It is only once these are exhausted that she enrolls in OW and is assigned

to one of the ALMPs at time t1 (again, after an unforeseeable duration). Alterna-

tively, she may not be successful with her job search and, after drawing down her

savings over an ex ante unknown period of time, she also applies for unemployment

benefits upon becoming eligible for social assistance and subsequently enrolls and is

assigned to one of the programs at time t′1. In either scenario, it is clear that from

the time the individual decides to move to a particular location to the time that she

is assigned to one of the programs, the duration between the two events is essentially

a random variable. As a result, her relocation decision does not amount to choosing

the leave-out proportion that she faces at time t1 or t′1. Moreover, it is not possible
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for her to influence the number of individuals who happen to get their applications

approved by OW and are assigned to a labour market program at the same time as

her. Hence, the leave-out proportion is an exogenous variable for any individual i.

3.2.2 IV Calculation

For each Progij, the instrument Zij is simply the leave-out proportion of enrollees

in program j that share the same OW office as individual i in a given start year (we

omit the year subscripts for the sake of exposition):

Zij =
1

ni − 1

ni−1∑
k 6=i

Progkj

where ni is total number of people assigned to the same office as individual i, and

they are indexed by k. The program indicator variable, Progkj, equals 1 if individual

k (where k indexes all individuals except person i) is assigned to program j in the

same year.

3.3 Data and Sample Selection

3.3.1 Data

We use an administrative data set from the Ontario Ministry of Community and So-

cial Services that follows all OW recipients and their benefit unit (family) members

with monthly observations from January 2003 to December 2013. One limitation of

the administrative data is that it does not link individual recipients to specific OW
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offices. Using the Government of Ontario’s Ontario Social Assistance Office Finder

website and automated webscraping techniques we created a mapping of all Ontario

postal codes to OW offices.9 Using this custom mapping, each recipient’s designated

OW office was found using their residential postal code (which is included in the

MCSS dataset). As noted earlier, although it is an infrequent occurrence, some

postal codes are associated with more than one office. In these instances we aggre-

gate these OW offices and treat them as one.

From the monthly data, we construct the social assistance spells for each assis-

tance recipient. We define a social assistance spell as the consecutive months of

benefit receipt for enrollees in any of the OW programs. Note that an individual

recipient can therefore have multiple assistance spells if they leave the program and

then re-enroll in OW at a later date. We form a cross-sectional dataset for each

assistance spell by pooling the recipient’s demographic and program characteristics

associated with that spell. If the variable can change during the assistance spell, e.g.

age or education level, we use the value in the initial month of the spell. There are

instances in which a person switches from one ALMP to another (this is generally

associated with longer spells). Because the initial ALMP assignment is the object

of interest in the analysis, program reassignment during a recipient’s spell can be

thought of as an outcome of their first assignment (see Sianesi (2004) for a discus-

sion on this point).

9The Social Assistance Finder only allows one postal code query at a time, as a result we automated
a routine to look-up and store results.
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3.3.2 Sample selection

Since we are primarily interested in the efficacy of the OW programs, we restrict our

dataset only to recipients who are of prime working age (between 25 and 54) and

who can reasonably be deemed to be searching for employment. In order to do this,

we select our sample based on a variable in the dataset that gives the recipients’

reasons for applying to OW. We only retain recipients whose reason for applying is

unemployment. For example, we drop recipients enrolled in OW because they are

waiting for the start of Ontario Disability Support Program enrollment or insurance

payments for a workplace injury. We also drop recipients who are unlikely to be

actively job searching, such as full time students.

Secondly, we restrict our analysis to single recipients. Exit from OW may re-

sult from actions of spouses (for example, a spouse’s acceptance of a new job that

pushes the benefit unit (family) beyond the income ceiling for OW). Limiting the

study to single recipients better allows for the estimation of the causal effects of the

employment assistance programs. In addition, we drop individuals whose marital

status changes from single to married (or common-law) as this can result in exit

from OW that is unrelated to securing employment. For robustness, the analysis is

carried out with married recipients included in the sample. The results are available

in Appendix E; they are similar to our baseline results in terms of sign, magnitude,

and levels of statistical significance.

When a beneficiary exits the dataset for one month, but subsequently returns, we

treat this as a continuous spell. The reason for doing this is that we do not consider a
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one month absence to be a meaningful outcome for study. After the sample selection

is carried out, 696,108 unique social assistance spells are left in the dataset on which

the analysis is performed.

Table 3.1: Descriptive statistics

IJS SJS TP SJS + TP PS All programs
Spell length (months) 11.907 10.413 13.525 11.170 12.562 11.942

(15.4734) (13.1629) (16.3189) (14.4466) (17.4654) (15.3523)
Return rate (1 year) 30.530 33.023 28.592 33.815 33.005 30.658
Return rate (2 years) 39.090 41.789 36.669 43.610 42.141 39.204

Age 25-34 (%) 44.53 46.24 49.62 49.66 43.33 45.56
Age 35-44 (%) 33.53 32.34 32.04 30.85 35.27 33.14
Age 45-54 (%) 21.94 21.42 18.33 19.49 21.40 21.30

Grade 1-6 (%) 1.13 0.52 2.72 0.69 0.96 1.27
Grade 7-8 (%) 3.31 2.34 5.15 3.69 3.43 3.46
Some H.S. (%) 29.42 29.10 35.00 44.25 25.88 30.40
Grad. H.S. (%) 35.40 35.39 31.72 28.89 33.72 34.74
Post-secondary (%) 30.74 32.65 25.41 22.48 36.01 30.13

Female (%) 35.73 33.62 39.72 34.69 40.33 36.07
Male (%) 64.27 66.38 60.28 65.31 59.67 63.93

Non-immigrant (%) 68.22 78.74 63.35 85.32 69.12 69.18
Immigrant (%) 31.78 21.26 36.65 14.68 30.88 30.82

Urban (%) 92.86 88.27 93.70 80.24 91.06 92.15
Rural (%) 7.14 11.73 6.30 19.76 8.94 7.85

Parents (%) 18.04 18.27 19.83 17.08 20.33 18.33
N 485,694 89,656 100,348 12,190 8,220 696,108

Std. deviations in parentheses.
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Descriptive statistics showcasing average spell durations and return rates for re-

cipients assigned to each of the employment assistance programs, as well as demo-

graphic breakdowns, can be seen in Table 3.1. The majority of recipients in the

sample of interest are assigned to the baseline program, independent job search.

Structured job search and training programs are the next most popular programs,

while the combination of the two, and direct placement services, are assigned less

often. Looking at the outcomes of interest, those assigned only to training programs

have the longest average social assistance spells, being almost 30% longer than the

average spells of those assigned to structured job search (the shortest of average

spell durations). There is also some variation in rates of return to social assistance.

Assignees only to training programs have the lowest rates of return for both one and

two years after leaving, while those assigned to training programs as well as struc-

tured job search have the highest.

There is some variation in the average recipient assigned to each of the programs.

For example, recipients assigned to a training program (with or without being as-

signed to structured job search) tend to skew slightly younger, while the opposite

is true for those on independent job search and placement services. Looking at the

gender of recipients, overall our sample skews heavily towards males (almost 64 %

of the recipients) but there is some variation across programs. Males make up a

greater share of independent and structured job search (with or without also being

assigned to a training program) than the other programs such as placement services

and training programs.
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One factor that is strongly related to labour market outcomes is an individual’s

level of educational attainment. For the whole sample, the most common level of ed-

ucational attainment is a high-school diploma (34.7%), followed by some high-school

(30.4%). That said, two of the treatment programs show significantly different pat-

terns in educational attainment of enrollees. In the combined SJS-TP treatment over

44% of beneficiaries had some high-school as their highest level of attainment and

just 22% had post-secondary schooling; meanwhile, in the PS treatment over 36%

of beneficiaries had post-secondary education, while roughly 26% had only some

high-school. These patterns suggest that controlling for educational attainment is

important for assessing the effectiveness of the different training programs.

Overall, immigrants comprise a sizable share of the recipients of OW (30.8%); this

is in line with the average share of the immigrant population (and also the labour

force) over the period.10 Interestingly, immigrants comprised 40.4% of Ontario’s un-

employed and are in a sense under-represented among OW recipients. Furthermore,

the breakdown of Canadian born and immigrant enrollment across different treat-

ment programs is worth some attention as one might expect that these groups have

different needs when it comes to preparing to rejoin the labour market. Perhaps re-

flecting this fact, relatively few immigrants are assigned to structured job search (in

particular, the combined structured job search and a training program treatment, for

10Over 2006-2013 (years for which estimates are readily available), immigrants made up 30.9 %
of Ontario’s population and 32.1 % of its labour force. (Authors’ calculations; data come from
CANSIM table 282-0102).
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which they comprise just under 15% of enrollees), while relatively more are assigned

solely to training programs.

Table 3.2: Descriptive statistics for 5-year outlook

IJS SJS TP SJS + TP PS All Programs
Cumul. months (5 yrs) 17.043 15.389 18.216 15.710 17.357 17.032

(16.5655) (15.2455) (16.4207) (15.29) (16.3371) (16.3826)
Cumul. spells (5 yrs) 1.048 1.162 0.873 1.160 0.972 1.032

(1.3438) (1.4102) (1.2971) (1.4364) (1.2992) (1.34745)
N 156,476 26,403 39,557 4,949 4,373 231,758

Std. deviations in parentheses.

Table 3.2 contains additional descriptive statistics for outcomes over a five year

period of first appearing in the dataset to gauge differences between program as-

signees over a longer-term horizon. As such, the sample for these figures is restricted

to recipients who were first observed in 2003-2008. Over the five year period from

their first observed month on OW, those assigned to training programs experience

the most cumulative months spent on social assistance, and those assigned the struc-

tured job search the least, similar to spell duration. By contrast, those assigned to

training programs experience fewer social assistance spells in the five years after

entering social assistance, while those assigned to structured job search experience

more.
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3.4 Empirical Results

3.4.1 First stage regressions

Table 3.3: First-stage regressions for program as-
signment IV

β̂SJS
Z β̂TP

Z β̂SJS−TP
Z β̂PS

Z

Estimate 0.920*** 0.797*** 0.977*** 0.833***
(0.0151) (0.0166) (0.0216) (0.0301)

Note: Each column shows the coefficient estimate for the instru-
ment in one of the following regressions: Progij = β0 + βj

ZZij +
Xiγ + ui where j ∈ {SJS, TP, SJS − TP, PS}.
Std. errors in parentheses, calculated using 200 bootstraps, clus-
tered at the quarter/delivery agent level.
∗ p < 0.05, ∗∗ p < 0.01, ∗∗∗ p < 0.001

Table 3.3 gives excerpts of the first stage regression results, where in each first

stage regression, one of the program participation dummy variables is regressed on

the instrumental variables, Zj (the leave-out proportion of enrollees in program j),

and exogenous covariates.11 The excerpts show the coefficients for the instruments

in the regression for their respective program assignment variable. It should also be

noted here that the first and second stage regressions are jointly estimated. Each of

the instruments has an extremely significant effect on program participation. This

helps to support the assumption that these are valid instruments for their purpose.
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Table 3.4: Program effects on spell duration

OLS IV
Duration Duration

SJS -0.044 -1.628***
(0.0905) (0.3053)

TP 2.06*** -2.313***
(0.1167) (0.5004)

PS 0.919*** 11.505**
(0.2313) (3.3126)

SJS-TP 0.991*** 4.277***
(0.1749) (0.9368)

Age -0.015*** -0.023***
(0.0031) (0.0034)

# of children 0.779*** 0.768***
(0.0941) (0.0932)

Median assistance 0.005*** 0.005***
(0.0005) (0.0005)

Grade 7-8 -1.895*** -2.24***
(0.3038) (0.3093)

Some H.S. -2.403*** -2.913***
(0.3194) (0.3307)

Grad. H.S. -3.014*** -3.656***
(0.3281) (0.343)

Post-secondary -4.492*** -5.193***
(0.3545) (0.3722)

Male -2.346*** -2.416***
(0.0991) (0.1008)

Immigrant 2.147*** 2.491***
(0.0817) (0.0974)

Urban 0.419*** 0.510***
(0.0769) (0.0750)

N 696,108 696,108

Notes: Additional controls include regional unemploy-
ment rate, French indicator, # of dependent adults, first
spell indicator, quarter-year fixed effects, and EI eco-
nomic region - year fixed effects.
Coefficients indicate the effect on the average spell du-
ration in months.
Std. errors in parentheses, calculated using 200 boot-
straps clustered at the quarter/delivery agent level.
∗ p < 0.05, ∗∗ p < 0.01, ∗∗∗ p < 0.001
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3.4.2 Spell duration

Once program assignment is instrumented for and the endogeneity issue is addressed,

notable differences can be seen between the OLS and the IV estimates of program

effects on spell duration, as seen in Table 3.4. Although several of the changes in

estimate signs after addressing the endogeneity are expected, the disparity between

several results could be indicative of ineffectiveness of these specific instruments when

instrumenting for program assignment. The effect of being assigned to SJS relative

to the default, IJS, strengthens when it is instrumented for. This suggests that the

OLS estimates of SJS are biased towards zero. With instrumentation, we find that

SJS reduces the average spell duration by over 1.6 months relative to IJS. Meanwhile,

the effect of being assigned to TP goes from adding over 2 months to spell duration

to reducing the spell by more than 2.3 months when assignment is instrumented for.

This seems to indicate that OLS estimation does not capture the relatively strong

short-term efficacy of TP in getting recipients off of social assistance. Being assigned

to both SJS and TP is associated with approximately a 1 month increase in benefit

spell length in the OLS framework. This effect is even more pronounced under the

IV specification, where we find that it adds on the order of 4.3 months to a benefit

spell. This suggests that the effects of those two categories of employment assistance

programs are not additive, and that on average, recipients would be better off only

being assigned to one program or the other.

11Additional covariates used include age, child count, dependent adult count, educational attain-
ment, the median amount of financial assistance for someone with their family structure in the
same year as them, gender, whether they chose to correspond with the organization in English
or French, immigrant status, an urban residence indicator variable, the local unemployment rate,
and an indicator for the spell being their first.
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Once we instrument for program assignment, we estimate that being assigned to

PS extends spells by around 11.5 months. Roughly speaking, our results suggest

that PS would more than double the duration of benefit spell. Between OLS and

IV regression results, there are not large differences in the estimates attained for the

other covariates (some of which are shown in Table 3.4).

3.4.3 Return rate

The measures of effectiveness examined to assess longer-term effects include the re-

turn rate to social assistance for recipients within one and within two years of exit.

To be clear, the outcomes are both binary variables and we use a linear probability

model for estimation at both stages of the IV estimation. Results from this estima-

tion can be found in Table 3.5.

After instrumenting for program assignment, the estimates show that, compared

to IJS, being assigned to SJS, SJS-TP, or PS do not have significant effects on the

probability of returning to social assistance within one year. After two years, how-

ever, SJS and PS have effects that are statistically significant to a lesser degree.

Although SJS is effective in the short-run, we do not find evidence that it keeps

recipients employed after their exit from social assistance, and instead find that it

increases the probability of returning to social assistance by almost 2% within two

years of leaving. The TP treatment, by contrast, is found to be effective at reducing
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Table 3.5: Program effects on return rate

One year return Two year return
OLS IV OLS IV

Return rate Return rate Return rate Return rate
SJS 0.005 0.012 0.005* 0.019*

(0.0024) (0.0071) (0.0026) (0.0078)
TP -0.031*** -0.098*** -0.043*** -0.100***

(0.0025) (0.0139) (0.0043) (0.0151)
PS -0.012* -0.104 -0.022*** -0.167*

(0.0052) (0.0619) (0.0051) (0.066)
SJS-TP -0.012** -0.003 -0.014** -0.017

(0.0045) (0.0234) (0.0052) (0.0226)
# of children -0.004* -0.003 -0.003 -0.003

(0.0018) (0.0018) (0.0025) (0.002)
Grade 7-8 0.04*** 0.035*** 0.054*** 0.05***

(0.0057) (0.0058) (0.0043) (0.0057)
Some H.S. 0.062*** 0.054*** 0.083*** 0.077***

(0.0057) (0.0057) (0.0048) (0.0059)
Grad. H.S. 0.038*** 0.028*** 0.054*** 0.046***

(0.0057) (0.0057) (0.0042) (0.0058)
Post-secondary 0.026*** 0.015* 0.038*** 0.03***

(0.006) (0.0061) (0.0042) (0.0062)
Male 0.037*** 0.035*** 0.046*** 0.044***

(0.0017) (0.0018) (0.0015) (0.0019)
Immigrant -0.059*** -0.053*** -0.075*** -0.07***

(0.003) (0.0028) (0.0035) (0.0036)
Urban 0.023*** 0.025*** 0.023*** 0.024***

(0.0021) (0.0021) (0.0029) (0.0023)
N 696,108 696,108 696,108 696,108

Notes: Additional controls include regional unemployment rate, French indicator, age, # of de-
pendent adults, first spell indicator, median level of assistance quarter-year fixed effects, and EI
economic region - year fixed effects.
Coefficients indicate the effect on likelihood of return to social assistance within one and two years
of leaving.
Std. errors in parentheses, calculated using 200 bootstraps clustered at the quarter/delivery agent
level.
∗ p < 0.05, ∗∗ p < 0.01, ∗∗∗ p < 0.001
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recidivism over both the one and two year horizons. Our IV estimates indicate that,

holding constant other factors, assignment to TP reduces the probability of returning

to OW within one and two years by 9.8% and 10.0%, respectively (compared to the

baseline IJS treatment).

PS, the program category that performs the worst in terms of spell duration, ap-

pears to have a very large effect on the probability that OW recipients return within

two years. Compared to IJS, PS reduces the two year return rate by 16.7% (although,

again, this effect is less statistically significant). One explanation that is consistent

with these findings is that it takes time for a placement to increase the human capital

of participants (longer duration), but participants find better employment matches

or higher wages when they re-enter the work-force (lower return rates).12. However,

SJS-TP, which also added time to spell duration, does not have statistically signifi-

cant effects on return rates for either one or two years after leaving, relative to IJS.

3.4.4 Cumulative time on assistance in a five year span

Table 3.6 presents results of estimating the program effects on alternative outcomes,

the cumulative number of months spent on social assistance in the five years after the

current spell begins (this may include multiple social assistance spells if the recipient

leaves and then returns to OW within this five year span), and the cumulative num-

ber of social assistance spells. These outcomes capture both some of the shorter-term

12Unfortunately, we cannot observe anything about wages or match quality in our dataset, as
beneficiaries are not followed after they exit OW
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Table 3.6: Program effects on cumulative months and spells on assistance over five years

OLS IV OLS IV
Cumul. months Cumul. months Cumul. spells Cumul. spells

SJS -0.188 -3.474*** 0 -0.049***
(0.187) (0.8035) (0.0097) (0.0369)

TP 1.586*** -5.044*** -0.139*** -0.37***
(0.1252) (0.9658) (0.0104) (0.055)

PS 0.93** 2.915 -0.088*** -0.558***
(0.2761) (4.2812) (0.022) (0.209)

SJS-TP 0.753** 3.392** -0.055** -0.076***
(0.2584) (1.2414) (0.0167) (0.0659)

Age -0.083*** -0.097*** -0.016*** -0.016***
(0.0056) (0.0061) (0.0007) (0.0007)

# of children 0.756*** 0.717*** -0.017** -0.018***
(0.1008) (0.1012) (0.0059) (0.006)

Median assistance 0.004*** 0.004*** 0.000** 0.000***
(0.0008) (0.0008) (0.0000) (0.0000)

Grade 7-8 -0.848 -1.273** 0.15*** 0.136
(0.4962) (0.4824) (0.0179) (0.018)

Some H.S. -0.978 -1.711** 0.263*** 0.237
(0.5152) (0.4919) (0.0149) (0.0152)

Grad. H.S. -2.373*** -3.298*** 0.1*** 0.067
(0.4952) (0.4778) (0.0144) (0.0154)

Post-secondary -4.52*** -5.477*** 0.029 -0.001***
(0.5051) (0.4957) (0.0158) (0.0178)

Male -1.41*** -1.587*** 0.27*** 0.26
(0.0914) (0.1098) (0.0105) (0.0114)

Immigrant 1.657*** 2.441*** -0.292*** -0.261***
(0.1243) (0.1306) (0.0099) (0.0088)

Urban 0.784*** 0.954*** 0.096*** 0.103
(0.1306) (0.1371) (0.0121) (0.0128)

N 231,758 231,758 231,758 231,758

Notes: Additional controls include regional unemployment rate, French indicator, # of dependent adults, first spell
indicator, quarter-year fixed effects, and EI economic region - year fixed effects.
Coefficients indicate the effect on the cumulative number of months and spells spent on social assistance over five years.
Std. errors in parentheses, calculated using 200 bootstraps clustered at the quarter/delivery agent level.
∗ p < 0.05, ∗∗ p < 0.01, ∗∗∗ p < 0.001
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as well as the longer-term effects of the employment assistance programs on social

assistance use.

Similar to the results for the spell duration outcome, SJS and TP individually

are both more effective than IJS by this measure, reducing the number of months

spent on assistance within a five-year span by 3.5 months and 5.0 months, respec-

tively. Combining these two programs is again shown to be detrimental, as we see

the combination will on average increase the cumulative number of months spent on

assistance by 3.4 months. PS was shown to both increase spell duration the most as

well as decrease the probability of return by the most out of the programs examined.

By this measure, this treatment is seen to have a neutral effect (i.e. the increase

in spell duration likely “cancels out” the reduced likelihood of return, and no effect

statistically significantly different from IJS outcomes is attained for total months

spent on assistance over five years).

By the longer-term measure of cumulative number of social assistance spells over

five years, all assignments have a statistically significant effect, reducing the num-

ber of spells relative to IJS. For SJS both with or without TP, this effect is small

(decreases in the number of spells over five years of less than one tenth of a spell).

By contrast, this effect is highest for PS, reducing the number of spells by over half

of one spell. Although this may seem small, recall that the average OW recipient

in the sample experiences approximately one social assistance spell over five years.

This effect is similar to the effect on return rates for PS relative to IJS.
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3.5 Demographic stratified results

When the analyses are carried out on subsamples stratified by different demographic

characteristics, the employment assistance programs are seen to have varying levels

of effectiveness across groups.

Table 3.7: Program effects on subsamples stratified by gender

Duration Return rate Cumul. months Cumul. spells
Duration One year Two years Five years Five years

Female
SJS -1.797*** 0.033** 0.060*** -2.94* -0.06

(0.4345) (0.0108) (0.0112) (1.1638) (0.0519)
TP -1.934* -0.11*** -0.106*** -4.309** -0.426***

(0.805) (0.0182) (0.019) (1.3201) (0.0741)
SJS-TP 6.026*** 0.011 -0.048 4.138 0.001

(1.4417) (0.0391) (0.0327) (2.4473) (0.1229)
PS 8.752 -0.006 -0.016 2.539 -0.162

(5.3002) (0.092) (0.1078) (5.5265) (0.255)
Male
SJS -1.411*** 0.003 0.000 -3.708*** -0.03

(0.3235) (0.0096) (0.0097) (0.8424) (0.0533)
TP -2.64*** -0.091*** -0.096*** -5.766*** -0.348***

(0.6029) (0.0164) (0.0167) (1.2859) (0.0811)
SJS-TP 3.101** -0.013 -0.007 2.473 -0.104

(0.9166) (0.0218) (0.0227) (1.271) (0.0961)
PS 12.7*** -0.165* -0.263** 2.258 -0.742*

(3.4751) (0.0828) (0.0805) (4.636) (0.3049)

Notes: Controls include regional unemployment rate, urban indicator, educational attainment, French
indicator, # of dependent adults, first spell indicator, quarter-year fixed effects, EI economic region - year
fixed effects, age, immigrant status, gender, # of dependent children, and median level of assistance.
Std. errors in parentheses, calculated using 200 bootstraps clustered at the quarter/delivery agent level.
∗ p < 0.05, ∗∗ p < 0.01, ∗∗∗ p < 0.001
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Table 3.7 showcases the effects of program assignments on the various outcomes

of interest when the sample is stratified by gender. TP is relatively more effective for

male recipients and SJS relatively more effective for female recipients when looking

at the effects on spell duration. Additionally, the undesirable spell duration effects

of PS are more pronounced for male recipients where the effect is only statistically

significant for males, while the combination of SJS and TP has a more pronounced

undesirable effect for female recipients.

Although TP still statistically significantly reduces the probability of return to

social assistance for both males and females while having no effect when paired with

SJS, the other programs examined each only affect one of the two groups. SJS has

no effect on returns for males, while increasing the probability of returns for females

by 3.3% within one year and 6% within two. By contrast, PS has no significant effect

on females, but lower the probability of returning for males by 16.5% within one year

and 26.3% within two years.

SJS and TP individually still reduce the number of months on social assistance

over five years for both groups; however, this effect is stronger for both programs in

male recipients. Neither SJS paired with TP, nor PS, have statistically significant

effects on this outcome for either group. Looking at social assistance spells over five

years, TP is the only treatment that has a significant effect for both groups. PS has

a stronger effect at reducing the number of spells for males than TP does, however,

this effect is only slightly statistically significant.
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Table 3.8: Program effects on subsamples stratified by immigrant status

Duration Return rate Cumul. months Cumul. spells
Duration One year Two years Five years Five years

Non-immigrant
SJS -1.323*** 0.012 0.021** -2.43** -0.047

(0.27) (0.0075) (0.0079) (0.7022) (0.0417)
TP -2.749*** -0.06*** -0.051*** -4.4*** -0.28***

(0.4351) (0.0117) (0.0126) (1.0038) (0.0556)
SJS-TP 3.207*** -0.024 -0.039 0.72 -0.14*

(0.8717) (0.0256) (0.022) (1.1617) (0.0665)
PS 2.963 -0.137 -0.175* -7.809* -0.731**

(2.5545) (0.0719) (0.0732) (3.4496) (0.2726)
Immigrant
SJS -6.315*** 0.05 0.063 -11.576*** -0.064

(1.4172) (0.0295) (0.034) (3.3109) (0.1172)
TP 0.4 -0.275*** -0.325*** -6.199* -0.771***

(1.0405) (0.0301) (0.0332) (2.5554) (0.0758)
SJS-TP 1.03 0.09 0.106 3.507 0.524

(3.3724) (0.0961) (0.1197) (7.5856) (0.4384)
PS 54.613*** 0.349** 0.175 38.614*** 0.242

(7.6034) (0.13) (0.1313) (9.2662) (0.3159)

Notes: Controls include regional unemployment rate, urban indicator, educational attainment, French indicator, # of
dependent adults, first spell indicator, quarter-year fixed effects, EI economic region - year fixed effects, age, immigrant
status, gender, # of dependent children, and median level of assistance.
Std. errors in parentheses, calculated using 200 bootstraps clustered at the quarter/delivery agent level.
∗ p < 0.05, ∗∗ p < 0.01, ∗∗∗ p < 0.001

Program effects stratified by immigrant status display even greater differences

in program efficacies, and can be seen in Table 3.8. First, SJS is much more effec-

tive than TP for immigrant recipients with respect to spell duration and cumulative

months on social assistance over a five year period, counter to the full sample and
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non-immigrant results. The biggest difference comes with the PS treatment how-

ever, where the effect on spell duration is no longer statistically significant for non-

immigrant recipients, but is drastically larger for immigrant recipients. This large

discrepancy leads to PS having a desirable effect on cumulative months on assistance

in five years for non-immigrant recipients (over 7 fewer months than IJS), while it

now has a large undesirable and strongly statistically significant effect for immigrant

recipients. This large discrepancy is not apparent when looking only at full sample

results, since the contrary effects between non-immigrant and immigrant recipients

appear to “cancel each other out” for this outcome. However, it is clearly crucial

to highlight the relative effectiveness of this treatment only for the non-immigrant

group of recipients.

Looking at return rates, PS has the largest effect for non-immigrants (though not

the most statistically significant one), while for immigrants, TP is the most effective,

reducing their probability of returning within two years of leaving by over 30%. Sim-

ilarly, PS reduces the number of spells experienced by non-immigrants within five

years by the largest amount of any treatment, and TP again has the largest effect for

immigrant recipients. Because of this, it’s clear that, if short-term program efficacy

is being considered, TP is the optimal treatment for non-immigrants and SJS for

immigrants, while if longer-term efficacy is prioritized, TP is now more effective for

immigrants and PS for non-immigrants.

When the sample is segmented by educational attainment – specifically those
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Table 3.9: Program effects on subsamples stratified by educational attainment

Duration Return rate Cumul. months Cumul. spells
Duration One year Two years Five years Five years

Less than H.S.
SJS -0.913 0.019 0.024* -3.852** -0.126

(0.4782) (0.0106) (0.0118) (1.176) (0.0889)
TP -2.460*** -0.08*** -0.079*** -4.9*** -0.41***

(0.6114) (0.018) (0.0188) (1.3503) (0.0856)
SJS-TP 2.409* -0.041 -0.053* 1.567 -0.077

(1.1243) (0.0242) (0.0259) (1.5002) (0.1057)
PS 7.601* -0.034 -0.106 -4.171 -0.774*

(3.6569) (0.0842) (0.1003) (5.1996) (0.3693)
Grad. H.S.
SJS -1.964*** 0.013 0.019 -3.197*** -0.029

(0.4045) (0.0096) (0.0108) (0.8723) (0.0483)
TP -2.385*** -0.104*** -0.095*** -5.726*** -0.327***

(0.6747) (0.0172) (0.018) (1.3662) (0.0772)
SJS-TP 5.826*** 0.011 0.015 5.009* -0.032

(1.2938) (0.0433) (0.0388) (1.9414) (0.133)
PS 11.283** -0.188 -0.223* 2.879 -0.455

(4.0124) (0.1028) (0.0889) (6.0004) (0.362)
Post-secondary
SJS -1.787*** 0.008 0.018 -2.855** 0.029

(0.3275) (0.0122) (0.0134) (0.8969) (0.0713)
TP -1.125 -0.132*** -0.159*** -4.307** -0.462***

(0.8649) (0.0262) (0.0306) (1.5818) (0.0823)
SJS-TP 5.128*** 0.047 0.002 4.122 -0.189

(1.4197) (0.0414) (0.0441) (2.4563) (0.1666)
PS 20.966*** -0.107 -0.181 18.286** -0.371

(4.6103) (0.1264) (0.129) (6.5159) (0.371)

Notes: Controls include regional unemployment rate, urban indicator, educational attainment, French indicator, # of
dependent adults, first spell indicator, quarter-year fixed effects, EI economic region - year fixed effects, age, immigrant
status, gender, # of dependent children, and median level of assistance.
Std. errors in parentheses, calculated using 200 bootstraps clustered at the quarter/delivery agent level.
∗ p < 0.05, ∗∗ p < 0.01, ∗∗∗ p < 0.001
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with less than a high school diploma, those who have only graduated high school,

and those with post-secondary education – the efficacy of SJS and TP relating to

spell duration is varied (see Table 3.9). SJS becomes more effective at reducing spell

length with at least a high school degree, on average, while TP becomes less effective

with the more education a recipient has. This is intuitive, since the focus of many of

the training programs, such as literacy or basic education training, are specifically

aimed toward those with lower levels of education. The undesirable effects of PS

on spell duration also become more pronounced with the more education a recipient

has achieved. TP is the only ALMP that consistently has an effect on reducing the

probability of return to social assistance for all education levels and for both one-

and two-year periods after leaving, and is the only one with a statistically significant

effect for those with post-secondary degrees. However, within two years of leaving,

PS has a slightly significant effect for those with only a high school degree, while

SJS leads to a small increase in probability of return for those without a high school

degree, but a small decrease for this same group.

By the measure of cumulative months spent on assistance over five years, SJS

and TP individually both lead to reductions relative to IJS; these effects are highest

for those with only a high school degree, and lowest for those with a post-secondary

education. By contrast, PS increases the number of months on social assistance for

those with post-secondary degrees, and SJS paired with TP does the same for those

with only a high school degree. Looking at the number of spells over five years, TP

is the only ALMP that leads to reductions for all three education levels of recipients.



3.5. DEMOGRAPHIC STRATIFIED RESULTS 100

However, for those with less than a high school education, PS also has a slightly

statistically significant but stronger effect.

3.5.1 Cost Benefit Analysis

In this section we conduct a cost benefit analysis for the various OW programs.

Since there is no detailed budgetary information available, we present a simple back-

of-the-envelope calculation of the pecuniary benefits for each training program. In

the 2016-2017 year, an average of $219.3 million of financial assistance was paid out

(in Canadian dollars) each month. In August of that year, 252,904 cases were pro-

cessed. If we assume the assistance is evenly distributed per case per month and

that this can be treated as a representative month, then each OW enrollee received

$867.02 in financial assistance that month.

Using this benchmark, we calculate the expected cost for one program enrollee

compared to what it would have been if they were on IJS by multiplying the dif-

ference relative to IJS in months spent on social assistance over a five year period

by the average monthly financial assistance payout. For example, the SJS program

reduces the average number of months spent on social assistance by 3.47 months over

the next five years compared to the counterfactual scenario in which the enrollee was

not assigned to SJS (i.e. the default IJS category); therefore, the benefit from as-

signing a program participant to SJS instead of IJS is $3013 over this period. Table
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3.10 shows the savings for all four treatments analyzed. We find that between 2003-

2013, the ALMP categories considered here saved a roughly estimated $528,831,500

in financial assistance (in 2016 dollars) by this measure for the sample of interest

compared to the scenario where all the recipients in the sample would have been

assigned to IJS instead. More detailed analysis would be needed to reach any con-

crete conclusions of the fiscal performance of the programs, however the estimates we

have strongly suggest that IJS is not the optimal prescription for all OW participants.

An important shortcoming of this calculation is that information about the ad-

ministrative costs of the different programs is unavailable, thus a definite policy

recommendation is not possible. Since IJS is in all likelihood the lowest cost pro-

gram to offer (only the minimum administrative costs of OW caseworkers would

apply) we consider this calculation an upper bound on the savings that may be due

to SJS, TP, and PS enrollment relative to IJS. Another consideration is that this

measure of cost reduction only considers individual months on assistance irrelevant

of whether they are part of more or fewer spells. For example, if there are additional

administrative costs associated with beginning a new spell, using the measure of the

effect on the number of spells over a five year period for cost estimation would be

more appropriate.
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Table 3.10: Program Savings Per Participant Over Five
Years

SJS TP PS SJS-TP
Cost relative to IJS -$3013∗∗∗ -$4374∗∗∗ $2528 $2941∗

(696.77) (837.52) (3712.66) (1076.57)

Note: This table shows the money per enrollee saved over five years by assigning
an OW participant to the respective program instead of IJS. All values are in
2016 Canadian dollars. A positive (negative) value represents the program will
on average cost more (less) than the default IJS program per enrollee.
Standard Errors in parentheses, calculated from previous estimates using the
delta method.
∗ p < 0.05, ∗∗ p < 0.01, ∗∗∗ p < 0.001

3.5.2 Robustness

The results outlined above estimate program effects for single recipients free of the

effects of spouses’ actions on the outcomes of interest. For the sake of robustness and

to ensure that the program effect estimates are not only applicable to a subset of re-

cipients (single recipients), IV regressions measuring program effects on spell length

and return rate have been carried out including married recipients in the sample

provided they meet all other specifications outlined in Section 3.3. These results are

very similar to those presented in this section, and can be found in Appendix E.

After including the additional observations and controlling for marital status in the

estimations, there are no differences in the results of note.

Additionally, estimation of the effects of the labour market programs operated

under the assumption that selection into the programs was based on unobserved vari-

ables which caseworkers observe when meeting with recipients, but do not appear in

the data. Average treatment effects of these programs on outcomes have also been

estimated using propensity score matching, which assumes that after controlling for
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observable characteristics of recipients, program assignment is random. This is done

by calculating the average difference in outcomes between a treated individual and

the most similar untreated individual to them. Here, similarity is determined by

their estimated treatment probabilities, which in turn are predicted with logit mod-

els using the other observed exogenous covariates. For the most part, these results

(which can be found in Appendix F) are both qualitatively and quantitatively dif-

ferent from those attained in the IV estimation, which may suggest that unobserved

characteristics of recipients play an important role in their assignment to different

programs.

3.6 Conclusion and discussion

Using an instrumental variable approach, we are able to to estimate the effects of

assignment to the different categories of employment assistance programs on various

measures of efficacy relative to the default assignment of independent job search.

The utilization of the share of other recipients in a similar situation assigned to a

given program as an instrument for program assignment allows us to account for

the endogeneity inherent in the program assignment process. By examining these

program effects on the duration of a social assistance spell, the return rates to social

assistance, and time spent on social assistance over a longer time frame, we can make

inferences about the efficacy of the programs in the short-term and longer-term, re-

spectively.

In general, there is a trade-off between short- and longer-term effectiveness. With
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the overall sample, being assigned to placement services leads to much longer spell

duration, but compared to IJS, it reduces the probability of return to social assis-

tance by approximately 10% in one year and 17% in two years. By contrast, being

assigned to structured job search or a training program reduces the average social

assistance spell by several months relative to the baseline of IJS, but has more muted

effects on the return rate of the recipients (in the case of SJS, no statistically signif-

icant effect or even a slight undesirable one).

Looking at the months spent on social assistance in the five-year span after en-

tering OW, we find that structured job search and training programs each lead to

less time spent on assistance than IJS, and direct placements does not perform sta-

tistically significantly differently from IJS by this measure. All ALMPs reduce the

number of social assistance spells over this same five year period, though these effects

are strongest for placements and training programs. Also of note is that assignment

to a training program alone is more effective (by measures of spell duration and

cumulative months spent on OW over five years) than assignment to both a training

program and structured job search, implying that the effects are not additive or com-

plementary. A potential reason for this may be that undergoing multiple treatments

“puts too much on the plates” of recipients, and the effectiveness of either program

is negated, whereas assignment to a single one of the programs lets recipients focus

their attention on that ALMP. Alternately, having more to do may detract from the

time recipients have to be actively looking for work.
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Based on these estimated effects, it is clear that improved outcomes can be

achieved by delivery agents, depending on the goals of the social assistance program:

in general, when prioritizing shorter-term outcomes, training programs perform more

effectively, but when prioritizing longer-term outcomes placements may be more effec-

tive. These results are also highly dependent on recipient demographics. For female

recipients, placements do not have statistically significant effects on any outcome,

and thus by every measure, training programs are strictly the most effective program.

For immigrant recipients, structured job search is instead the most effective

ALMP in the short term, and placements are not statistically significantly better

than IJS by any outcome. A reason for this may be that programs often offered un-

der the umbrella of SJS may seem to offer common knowledge to native Canadians

with history of labour force participation, such as resume workshops, but to those

without this experience or cultural insight these programs may become relatively

more useful.

For those with post-secondary education, direct job placements are the least ef-

fective (or have no significant effect) for every outcome, whereas it is most effective

by some longer-term measures for those without post-secondary education, and its

undesirable short-term effects are dulled. The disparate results when stratifying by

these demographics highlight the need for additional study on these program effects

for various groups, as well as reasons for the variation in results, which can lead to

program assignment that better suits the diverse needs of different groups.
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Chapter 4

Homelessness and housing of social assistance

recipients

4.1 Introduction

One of the channels through which poverty negatively affects the lives of those ex-

periencing it is through their housing situation. At the extreme end, being homeless

hurts your safety and security, and can take a toll both physically and mentally. The

lack of shelter, or more generally the lack of safe, stable housing, can contribute to

negative effects on well-being.

The definition of homelessness varies, and can encompass different living situa-

tions. It can range beyond living on the street and transience of that nature, and is

also expanded to include less extreme forms of homelessness that involve not having

permanent accommodation. For instance, staying in emergency shelters or other

temporary shelters for the homeless, hostels, “couch surfing”, and sleeping in a ve-

hicle are often also included in the definition of homelessness.
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Housing instability can also have negative effects, even if homelessness is not ex-

perienced; high rates of residential mobility can be both a cause of poverty and an

outcome of poverty. Residential mobility can sometimes have positive connotations,

such as in relation to being able to relocate relatively easily in order to find em-

ployment or to move to a better or safer neighbourhood. However, high residential

mobility that is not based on choice (e.g. eviction, or moving often because of hous-

ing affordability) can cause stresses that have negative effects. On top of this, there

are obvious financial costs associated with moving, which are exacerbated impacts

on already financially-challenged households.

Those experiencing homeless are perhaps one of the more understudied groups in

research relating to poverty in Canada because of the relative lack of data for their

experiences. This is partly due to the nature of being homeless and somewhat out of

the eye of data collectors; shelter microdata is collected by the federal government

for private use, but only captures those using shelters, and only while they are in

shelters. Federal point-in-time counts are carried out to attempt to gather data on

those experiencing other types of homelessness (e.g., living on the streets) for certain

communities on a given day of the year, although this data only provides a cross-

sectional look at the homeless, and cannot be assumed to be representative of the

population (Employment and Social Development, 2017). There also exists research

using datasets made by carrying out interviews with those experiencing homeless-

ness, though these often involve smaller samples, and although useful in the context
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of qualitative research, do not allow for larger scale inference.

This paper aims to provide a descriptive look at both the living situations of those

receiving social assistance, as well as a look at the portion of this population that

are living in homelessness, a group for which longitudinal microdata is scarce. The

nature of this panel data allows an examination of the pathways out of homelessness

for those who begin receiving social assistance. Additionally, the size of the sample

allows for breakdowns by several sets of demographics, and their rates of escaping

homelessness (net of differences in benefits and access to resources) can be compared.

4.1.1 Background

Social assistance in Ontario consists of two programs with different goals. Ontario

Works is meant as temporary assistance for those in financial need, generally unem-

ployed and in search of work. Employment assistance with the aim to help recipients

find and maintain employment is often offered in addition to financial assistance. Al-

ternately, the Ontario Disability Support Program is meant for longer-term financial

support of persons with disabilities.

Canadian public policy addressing homelessness typically involves collaboration

between different levels of government; funding at the federal level in conjunction

with efforts at provincial and local levels allows for a heterogeneous approach to

address region-specific issues. The federal government implemented the National
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Housing Strategy in 2017 as part of a broad ten year plan to combat homelessness in

the country. Specifically, it involved creation of the National Housing Co-Investment

Fund, which funds new housing and repair of existing affordable and community

housing, including emergency shelters and transitional housing, as well as other mea-

sures.

Although social assistance is not always taken up by those experiencing homeless-

ness, it can be an important tool in combatting poverty and getting these recipients

into better housing situations. OW directives state that “A transient or homeless

person is deemed to reside in the geographic area of the delivery partner in which

he/she applies for assistance. Assistance to a transient or homeless person cannot

be refused on the basis that there is no fixed address or conventional, structural

dwelling place” (Ministry of Community and Social Services, 2018); they also state

that homeless recipients will generally not be made to instead go to the area of an-

other delivery agent. In this way, the homeless population is not discouraged from

applying for and receiving social assistance in Ontario, and providers are not in a

position to turn them away or point them toward another provider.

Delivery agents of OW and ODSP can have some influence on recipients’ search

for housing, though this sometimes varies by delivery agent. In general, social assis-

tance recipients are capable of receiving up to a certain amount for basic needs and

shelter costs, or for board and lodging costs. Caps for these monthly allowances are

based on the number of members in the benefit unit. Shelter allowances are for those
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with pre-established shelter to help cover the costs of rent, mortgage payments, util-

ities and heating costs, etc. Delivery agents can also sometimes help with provision

of shelter or guidance toward shelter in certain circumstances. For example, an OW

directive allows for First Nations delivery agents to provide emergency hostel services

to recipients in crisis with need of short term board and lodging, even if they have

become ineligible for social assistance (Ministry of Community and Social Services,

2018). Communities also often have programs that address homelessness separate of

provincial social assistance, e.g. Toronto’s Housing Stabilization Fund which targets

benefits toward those who are currently homeless or at risk of homelessness. These

benefits are generally exempt from counting toward asset counts for recipients, as

would be expected for a benefit directed toward someone in an extremely vulnerable

position (Ontario Works Act, 1997).

4.1.2 Related literature

Because of the nature of homelessness, the hypothetical idea of a microdata dataset

that perfectly captures homeless individuals is not something that exists in practice.

Administrative data on users of homeless shelters in Canada are kept private by

the federal government, and by definition only account for those using shelters and

not those experiencing unsheltered homelessness, including couch surfing, staying in

hostels or cars, or sleeping in the street.
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The government in coordination with certain Canadian communities also occa-

sionally conduct point-in-time counts, where on a specific day people will go to

certain shelters and locations on the street to survey homeless individuals across the

country. By the nature of this survey process, it does not capture all individuals

in the homeless population (e.g. individuals staying on the street in a location not

visited by surveyors, or those couch surfing), and only captures those experiencing

homelessness on that day of the year.

Although the dataset used for this analysis captures all social assistance recipi-

ents (and therefore is not meant to capture all homeless individuals in Ontario), a

study by Chareyron and Domingues (2018) studying the non-take-up rate of social

assistance by the French population indicates that the non-take-up of benefits by

the homeless population is lower than for the general population, with only 18% of

eligible homeless not receiving social assistance. These figures are for the French

population, but may give some idea of how much of the homeless population of On-

tario is captured by this dataset.

There is also a field of literature examining high residential mobility, its impacts,

and the reasons for it. Stokols et al (1983) finds that adverse health problems are

more prevalent in individuals that are highly residentially mobile; those moving often

reported higher rates of having symptoms related to illness, as well as lower senses

of community. High rates of mobility are also found to be negatively associated with

well-being, and positively associated with risk of mortality (Oishi & Schimmack,
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2010). Additionally, Fitchen (1994) found higher mobility levels among those in

poverty in rural areas were experienced by those that were younger and with fewer

children; the findings in this paper are consistent with this, as expanded on in a later

section.

Research on high residential mobility effects often focus on child outcomes. Gille-

spie (2013) uses multiple cycles of the National Longitudinal Survey of Youth to look

at the effects of residential mobility on children aged 6 to 15. A link is found between

residential mobility as a child and future negative behavioural problems, though the

effects are stronger for younger children and for those who moved to a new city as

opposed to just moving locally. Felner et al (1981) found that high rates of moving

schools attributed to residential mobility lead to poor academic performance. Sim-

ilarly, Rumberger and Larson (1998) find links between high rates of mobility and

lower rates of high school completion.

4.2 Model and methodology

To measure the effects of shelter-specific benefits on helping social assistance re-

cipients get out of homelessness, survival analysis is used. This type of analysis is

appropriate, since the data can be arranged into social assistance spells of varying

lengths, and time-to-exit can be measured directly.

Specifically, a competing risks survival model, proposed by Fine & Gray (1999),
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is used. As the name implies, this model allows for the existence of different types

of exit from a spell, and treats probabilities of exit separately for these “competing

risks”. This allows for estimation of relative likelihoods of a specific type of exit that

account for other types of exits, rather than the alternative of incorrectly treating

other types of exits as points of censoring.

The hazard function for the model is given by the semiparametric equation:

λj(t,X) = λj0(t)exp(X ′iβ + Z ′i(t)δ) (4.1)

where λj0(t) represents the time-dependent baseline hazard for that exit type,

and the function exp(X ′iβ + Z ′i(t)δ) represents the member-spell-specific part of the

hazard function. Within the latter portion of the hazard function, Xi represents

time-invariant covariates, and Zi(t) represents other time-varying covariates.

Although the competing risks survival model specification proposed by Fine &

Gray does not account for time-dependent covariates in the member-spell-specific

portion of the hazard function, an extension of the standard Cox model known as

the extended Cox model that allows for time-varying variables is applied, as laid out

in Cameron & Trivedi (2005).

This general equation is used to estimate the subhazard ratios for the independent

variables. For variable x, the subhazard ratio given by
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SHRx =
(λj(t, x = 1))

(λj(t, x = 0))
(4.2)

which gives the likelihood of a specific type of exit (in this case, exiting home-

lessness is the exit of interest) for a recipient of type x = 1 relative to one of type

x = 0 with other recipient characteristics held constant.

Because of the nature of survival analysis models, the analysis must be carried

out on recipients whose observed spells begin with them on social assistance as well

as in homelessness, since the spells are measuring the time from the point of obser-

vation until either of these types of exits occur. Although recipients may have been

homeless for different lengths of time before starting their social assistance spell,

since they are unobservable outside of their time spent on social assistance, their

experiences after entering social assistance are comparable since they must be in

similar situations to begin receiving OW or ODSP, e.g. have financial assets below

a certain threshold.

4.3 Data and sample selection

4.3.1 Data

The data used for the analysis come from the Ontario Ministry of Community and

Social Services. The raw administrative dataset follows Ontario Works and Ontario

Disability Support Program recipients with monthly observations from January 2003
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to December 2013.

Social assistance spells are constructed from the monthly data for each recipient.

A social assistance spell is defined as the consecutive months of benefit receipt for

enrollees of OW or ODSP; recipients can therefore have multiple spells if they leave

and re-enroll in social assistance. For the survival analysis, data is left in panel

form where, for each unique member spell, variables are observed monthly. A cross-

sectional dataset where each observation constitutes a unique member spell is formed

for the rest of the analysis. For time-varying covariates (such as age, marital status,

etc.), the value from the first-observed period in the spell is used.

Additionally, monthly unemployment rates by employment insurance (EI) eco-

nomic regions are merged into the datasets to use to control for regional economic

conditions for the survival analysis.

In examining the nature of the living situations of social assistance recipients, the

accommodation status variable in the data is used. As mentioned earlier, definitions

of homelessness can vary. For the purpose of this research, those listed as “Home-

less/transient” in the microdata are considered homeless when a strict definition

must be used to determine the sample of interest. This is a conservative definition,

and does not reflect the entire population of those receiving social assistance over

this time that are in need of fixed dwellings or better quality housing. To get an

idea of the amount of recipients experiencing homelessness by broader definitions,
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Section 4.4 also includes breakdowns of accommodation types by subpopulations on

social assistance, so proportions of recipients in other living situations that can fit

under the wider umbrella of homelessness (e.g., those in emergency hostels, those in

transition homes, etc.) are still clear.

To measure the residential mobility of recipients, the postal code variable for

recipients is used. A recipient is defined to have moved residence when a change in

their postal code is recorded between two monthly periods. Again, this may under-

estimate the number of moves experienced by recipients. First, due to the nature of

administrative data, recipients’ postal codes may not be up to date, whether because

of changes not being recorded by social assistance offices or because of recipients ne-

glecting to update the information with their social assistance office. Secondly, since

the full addresses given by recipients are not observed, and determination of their

current residence must be done solely based on postal codes given, the definition of

a move used in this research would not capture moves to different addresses within

the same postal code. Thirdly, since postal codes are observed in the data once per

monthly observation, it could be the case that a recipient moves more than once dur-

ing the month, though only one move would be observable in the data. However, one

may expect that the second and third occurrences above are likely not as common.
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4.3.2 Sample selection

To examine the residential mobility of social assistance recipients, the sample is re-

stricted only by limiting it to spells of primary applicants so that benefit units are

counted only once, i.e. multiple members of the same household are represented only

a single time in the sample per spell. The same sample is used to look at accommo-

dation types of recipients, but observations are restricted to the first observation per

spell.

Later, the sample is further restricted to to those who begin their spells while

homeless. Monthly observations for these spells are used as the sample for carrying

out the survival analysis. Additional descriptive analysis is carried out on the spells

in this sample who begin homeless but transition out of homelessness before the end

of their spell.

Beyond this, those in the OW program and the ODSP are both included. In addi-

tion to this, further analysis is conducted on demographics of recipients, including by

immigrant status, by whether they live in an urban or rural area, by age group, and

by family structure and gender. Lastly, left- and right-censored spells are dropped

from the samples of interest.
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4.4 Recipient accommodation and homelessness prevalence

To examine the type of accommodations lived in by recipients of various demograph-

ics and groups, a cross-section of recipient social assistance spells will be used, giving

their dwelling situation in the first month of their social assistance spells. It should

be noted that this does not yet capture the proportions of recipients that experience

homelessness during their spells, only those who are homeless at the beginning of

their spells, and so underrepresents the prevalence of homelessness among social as-

sistance recipients. Despite this, and although the large majority of recipients are

not homeless when their spells start, it is often one of the more frequent responses

given by recipients in certain subgroups.

The relatively large sample size (covering many years worth of social assistance

data) allows for this examination to be broken down into subpopulations that may

not be statistically possible to look at in a shorter cross-section of data. This descrip-

tive analysis allows a picture to be painted of the living situation of those joining

social assistance, who make up the most economically vulnerable portion of the pop-

ulation. Additionally, looking specifically at those experiencing homelessness gives

both a measure of the prevalence among different groups of social assistance users in

the most dire need of aid, as well as an idea of which subpopulations of the homeless

are getting social assistance.

Table 4.1 features a look at the proportion of recipients enrolled in either OW
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Table 4.1: Accommodation by program

OW ODSP
Sample at t=1
Accommodation type (%)
Home for the aged - 0.06
Board and lodging 4.42 29.92
Chronic care facility 0.02 0.17
Domiciliary hostel 0.03 0.09
Emergency hostel 0.44 0.33
Group living - 1.22
Home for special care - 0.32
Homeless/transient 2.41 0.76
Interval/transition home 0.36 0.10
Nursing home 0.01 1.41
Owned home 3.40 12.00
Renting 83.58 44.68
Renting - subsidized 5.23 7.89
Substance abuse program 0.03 0.02
Psychiatric hospital/facility 0.08 0.96
Facility for dev. disabled - 0.02
Other 0.00 0.05

N 1,973,764 162,834

or ODSP that live in each type of accommodation at the start of their spells be-

tween 2003 and 2013. Although those on ODSP have slightly higher rates of being

in a subsidized rental situation, overall they are much less likely to be renting their

dwelling. A higher proportion own their homes, but a much higher proportion rep-

resenting almost a third of all recipients are in board and lodging, which may be a

more precarious living situation.

Despite this, those on ODSP experience lower rates of homelessness at the time
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of starting to receive social assistance; fewer than 1% of those on ODSP are homeless

in the first month of their spells, while being homeless is the fifth most common ac-

commodation situation for those on OW. In total, this represents over 48,000 benefit

unit spells that are homeless when they enter social assistance.

Table 4.2: Accommodation by immigrant status

Non-immigrant Immigrant
Sample at t=1
Accommodation type (%)
Home for the aged 0.01 0.01
Board and lodging 7.84 2.72
Chronic care facility 0.03 0.03
Domiciliary hostel 0.04 0.03
Emergency hostel 0.28 0.82
Group living 0.12 0.02
Home for special care 0.03 0.01
Homeless/transient 2.58 1.54
Interval/transition home 0.38 0.24
Nursing home 0.11 0.13
Owned home 4.17 3.77
Renting 79.71 82.83
Renting - subsidized 4.50 7.72
Substance abuse program 0.04 0.01
Psychiatric hospital/facility 0.15 0.12
Other 0.01 0.00

N 1,518,175 618,423

Accommodations for spells divided by immigration status are given in Table 4.2.

Although the distributions of accommodation types are generally similar between
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immigrants and non-immigrants, there are several differences. Over 5% more of non-

immigrant social assistance recipients live in board and lodging than immigrants,

while over 6% more of immigrants live in some type of rented dwelling. Over 2.5% of

non-immigrant recipients and 1.5% of immigrant recipients are homeless or transient

in their first month of social assistance, which puts non-immigrants as only slightly

more likely to be homeless when entering social assistance.

Table 4.3: Accommodation by rural or urban residence

Rural Urban
Sample at t=1
Accommodation type (%)
Home for the aged - 0.01
Board and lodging 12.28 5.71
Chronic care facility 0.01 0.03
Domiciliary hostel 0.03 0.03
Emergency hostel 0.02 0.48
Group living 0.18 0.08
Home for special care 0.04 0.02
Homeless/transient 0.88 2.43
Interval/transition home 0.29 0.34
Nursing home 0.15 0.11
Owned home 11.88 3.2
Renting 71.68 81.59
Renting - subsidized 2.51 5.75
Substance abuse program 0.02 0.03
Psychiatric hospital/facility 0.02 0.16
Other 0.01 0.03

N 210,362 1,926,236

Descriptive results stratified by recipients living in either rural or urban areas are
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given in Table 4.3. Those in urban areas are more likely to be renting their dwelling,

while those in rural areas are more likely to own their dwelling at one of the highest

rates out of all subpopulations examined. These differences may be expected given

general patterns of housing prices. Those in urban areas represent the majority of

homeless social assistance recipients in an absolute sense, since urban recipients rep-

resent over 90% of the sample, as well as in a relative sense, where recipients in rural

areas are less than half as likely to be homeless when entering social assistance as

those in urban areas.

The accommodation distribution over age groups in ten-year groupings is given in

Table 4.4. Certain trends observed with social assistance recipients are comparable

to those in the general population. Older age groups are seen to be more likely to

be living in an owned home, while younger age groups are more likely to be renting

without subsidization (however, the proportion with rent subsidies increases with

age).

Homelessness among social assistance recipients is in general more of an issue the

younger the recipient is. 2.8% of recipients under age 25 are homeless when starting

social assistance, which is notably nearly four times higher than the proportion in

the oldest age group, and higher than the proportion of those under 25 living in a

rented dwelling with subsidization.

Table 4.5 showcases a descriptive look at accommodations for recipients starting
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Table 4.4: Accommodation by age group

<25 25-34 35-44 45-54 55-64 65+
Sample at t=1
Accommodation type (%)
Home for the aged - - - - 0.04 0.13
Board and lodging 13.87 4.41 3.19 3.11 3.26 4.95
Chronic care facility 0.01 0.01 0.02 0.04 0.11 0.16
Domiciliary hostel 0.02 0.02 0.03 0.04 0.08 -
Emergency hostel 0.39 0.43 0.49 0.45 0.43 0.46
Group living 0.17 - 0.03 0.14 0.19 0.15
Home for special care 0.01 0.01 0.03 0.05 0.08 -
Homeless/transient 2.80 2.22 2.36 2.03 1.29 0.72
Interval/transition home 0.37 0.38 0.38 0.26 0.17 -
Nursing home - - 0.02 0.15 0.81 1.89
Owned home 0.21 1.93 5.22 8.56 11.81 7.35
Renting 79.38 84.56 81.44 78.64 73.76 73.00
Renting - subsidized 2.55 5.83 6.61 6.36 7.81 10.87
Substance abuse program 0.03 0.03 0.03 0.03 - -
Psychiatric hospital/facility 0.17 0.15 0.13 0.13 0.13 -
Facility for dev. disabled 0.01 - - - - -
Other 0.01 0.02 0.02 0.01 0.03 0.32

N 564,393 581,509 461,959 340,290 159,995 28,452

their social assistance spells by family type and gender. Nearly half of this sample

is made up of single male recipients without children, which represents the largest

group by a wide margin. Single mothers make up almost ten times as many recipi-

ent spells as single fathers, and although single recipients without children represent

higher proportions of the sample than their parent counterparts, the amount of mar-

ried couples with children is seen to be higher than the amount without children.
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Although relatively similar proportions of all groups rent their dwelling unsubsi-

dized, the proportion of those with subsidized rent is higher for those who are single

females, or those who have children. Single childless recipients, whether male or fe-

male, are living in board and lodging situations at much higher rates than recipients

of other groups when they first start receiving social assistance.

Stratifying recipients by family type results in the widest dispersion in prevalence

of homelessness in this analysis. Fewer than 1% of any category of single parents or

married couples are homeless when beginning social assistance. However, close to 2%

of single females without children are homeless or transient in this situation, as are

a (relatively large) 3.75% of single males without children. This proportion makes

single childless males the demographic most likely to be homeless when starting so-

cial assistance by a wide margin. This could potentially be reflective of a difference

in available resources for specific subpopulations.

4.5 Residential mobility of recipients

To examine the levels of residential mobility among social assistance recipients, the

total number of moves during their spell as well as the average number of moves per

year (extrapolated from the average number of moves per monthly observation) are

given. In 2018, approximately 35% of Canadian households had moved within the

previous five years (Statistics Canada, 2018). Although the figures given below are

not directly comparable to this, it is likely that some of the groups examined are
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likely moving at much higher rates than the Canadian population as a whole, given

the relatively high average number of moves in a single year.

Table 4.6: Residential mobility of recipients

Average # of moves per year Total # of moves during spell
OW 0.654 0.827

(1.252) (1.871)
ODSP 0.340 1.051

(0.753) (2.493)
Non-immigrant 0.693 0.901

(1.308) (2.081)
Immigrant 0.476 0.704

(0.97) (1.471)
Age
<25 0.805 1.061

(1.337) (2.155)
25-34 0.658 0.806

(1.265) (1.86)
35-44 0.600 0.811

(1.217) (1.973)
45-54 0.493 0.756

(1.082) (1.832)
55-64 0.362 0.574

(0.881) (1.326)
65+ 0.231 0.416

(0.689) (0.974)

Std. deviations in parentheses.

Table 4.6 features residential mobility figures by social assistance program, im-

migrant status, and age group. Recipients of OW, who make up the large majority

of the sample, have an average number of moves per year nearly twice as high as for

recipients of ODSP. However, due to longer average spell lengths, they experience
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more moves over the entire span of their social assistance spells. Non-immigrants

also experience relatively higher residential mobility, with around 50% more moves

per year on average than their immigrant counterparts. Looking at the figures by

age group, both average number of annual moves and total number of moves during

spells strictly decrease as age increases. This is in line with the trend in the Canadian

population as a whole.

Table 4.7: Residential mobility of recipients

Average # of moves per year Total # of moves during spell
Rural 0.506 0.674

(1.121) (1.728)
Urban 0.644 0.862

(1.234) (1.946)
Family type
Single male, no children 0.723 0.850

(1.355) (1.963)
Single father 0.470 0.636

(1.022) (1.473)
Single female, no children 0.652 0.986

(1.205) (2.15)
Single mother 0.502 0.797

(1.009) (1.772)
Married no children 0.498 0.707

(1.065) (1.657)
Married w/ children 0.386 0.569

(0.887) (1.376)

Std. deviations in parentheses.

Residential mobility figures by rural or urban residence and family type are given

in Table 4.7. Although social assistance recipients living in urban areas move more

often each year, as well as during their entire spells, the disparity between the two
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groups is not as large as between other groups examined. Living in an urban area

versus a rural one does not appear to be as large of a factor affecting residential

mobility as other characteristics examined. When stratifying the sample by family

type, those in each category without children have higher levels of mobility than

those with children. This gap is smallest for married couples, who have the low-

est amounts of mobility, and largest for single male recipients. However, out of the

categories with children, single mothers have the highest mobility, experiencing the

equivalent of approximately one move every 2 years on average.

4.6 Recipients experiencing homelessness

This section provides a descriptive look at recipients that experience homelessness

at any point during their spell. The units of the observation below are recipient

spells, so it is possible that recipients who are homeless during several spells will

show up multiple times. For time-varying variables, values from the first month of

observation in the spell are used.

Table 4.8 features a look at the demographics of recipients assigned to either

OW or ODSP who experience homelessness at some point while on social assistance.

The demographic breakdown of these recipients experiencing homelessness does not

differ greatly across social assistance programs. As is the case with social assistance

receipt as a whole, the large majority of recipients are male. The proportion of social

assistance recipients experiencing homelessness that are immigrants is lower than the
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Table 4.8: Descriptive statistics of those that experience homelessness

OW ODSP
Sample homeless during spell
Female (%) 25.14 31.65
Male (%) 74.86 68.35
Non-immigrant (%) 81.29 79.49
Immigrant (%) 18.71 20.51
Grade 1-6 (%) 1.40 3.69
Grade 7-8 (%) 6.35 7.84
Some HS (%) 48.89 46.08
Grad. HS (%) 29.49 27.54
Post-Secondary (%) 13.87 14.85
Rural (%) 4.2 5.68
Urban (%) 95.8 94.32
N 70,155 3,608

proportion of immigrants in the Ontario population as a whole, so it appears that

non-immigrants are relatively more vulnerable to experiencing homelessness while

on social assistance.

The majority of those experiencing homelessness in either OW or ODSP do not

have a high school level education, and nearly half have some high school education.

This differs greatly from the educational attainment distribution of the overall pop-

ulation, implying that those with lower education on social assistance are more at

risk of homelessness, a result that may not be unexpected. Lastly, the vast majority

of those that experience homelessness while on social assistance are in urban areas,

which, although those living in poverty in rural areas face their own housing issues,

is reasonable given the overwhelmingly larger population of Ontario in urban centres.
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Table 4.9: Descriptive statistics of those that experience homelessness

OW ODSP
Sample homeless during spell
Homeless at start of spell (%) 67.71 34.15
% of spell spent homeless 19.88 47.71
Avg. # of moves per year 1.59 1.20
Total moves during spell 2.55 4.96
N 70,155 3,608

Additional descriptive statistics looking at housing variables for those that ex-

perience homelessness while on social assistance are showcased in Table 4.9. Out

of those recipients that are homeless at some point during their spell, those in OW

are almost twice as likely to be homeless at the start of their spell relative to those

on ODSP. Although this does not preclude recipients who may begin their spells

while homeless, find housing, and then fall into homelessness again during the same

social assistance spell, it still means that at least approximately two thirds of those

in ODSP who are homeless during their spell fall into homelessness after already

entering social assistance. In addition to this, those in ODSP who experience home-

lessness during their spell spend over twice as much of their spell in homelessness as

those in OW, with nearly half of their entire spell spent homeless. This paints an

especially bleak picture of homelessness lived by those with disabilities.

The average number of moves per year are similar between programs, though are

higher than the number of moves per year for all social assistance recipients (not

just those that experience homelessness). This could mean that those are prone to

homelessness face more instability in their housing situation, or the higher rates of
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moving could be explained by the added importance of getting shelter placed on

them by Ontario social assistance programs once they begin receipt.

A further look at housing-related variables for other subpopulations of social as-

sistance recipients can be found in Appendix G.

4.7 Exits from homelessness

The following tables provide a descriptive look at samples of spells where social as-

sistance recipients begin the spell while homeless, and focuses on the frequency of

exits from homelessness over the course of social assistance spells and the context

of these exits. The nature of these exits from homelessness are again examined for

different subpopulations, which is made possible by the size of the dataset. Although

exits from homelessness are not observed for those who exit from social assistance

first (since recipients and their accommodation situations are only observed while

receiving social assistance), the average time until homelessness exit for those whose

exits are observed generally appear to be much lower than the average spell length,

and so it seems likely that there are not a large amount of homelessness exits that

are “barely” unobserved (e.g. they exit homelessness the month after exiting from

social assistance).

Table 4.10 focuses on the statistics mentioned above for the sample of spells as-

signed to OW and those assigned to ODSP. First, out of those who begin their spells
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Table 4.10: Exits from homelessness by program

OW ODSP
Sample homeless at t=1
Prop. exiting homelessness during spell (%) 58.71 74.76
N 47,503 1,232
Sample exiting homelessness during spell
Months until homelessness exit 2.8 5.5
Prop. returning to homelessness (%) 10.37 24.10
Prop. exiting to accommodation type (%)
Board and lodging 1.96 10.75
Domiciliary hostel - board 0.14 -
Emergency hostel 0.93 -
Interval/transition home 0.37 -
Renting 92.87 73.4
Renting - subsidized 3.41 8.79
Psychiatric hospital/facility 0.16 -
Other 0.16 7.09
N 27,888 921

while homeless (the sample that is homeless at t = 1), a much larger proportion of

ODSP recipients manage to exit from homelessness, one of the highest rates of the

groups analysed at nearly three quarters of recipients starting social assistance while

homeless. However, out of these who exit homelessness, it takes those on ODSP

almost twice as many months on average as those on OW. More than twice as many

on ODSP than on OW also return to homelessness over the course of their social

assistance spell after exiting. A higher proportion of those exiting homelessness on

OW exit to a dwelling they rent (whether subsidized or not), while a higher propor-

tion of those exiting on ODSP exit to board and lodging.
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Table 4.11: Exits from homelessness by immigrant status

Non-immigrant Immigrant
Sample homeless at t=1
Prop. exiting homelessness during spell (%) 57.32 66.48
N 39,211 9,524
Sample exiting homelessness during spell
Months until homelessness exit 2.9 2.8
Prop. returning to homelessness (%) 11.80 7.30
Prop. exiting to accommodation type (%)
Board and lodging 2.54 1.17
Domiciliary hostel - board 0.14 -
Emergency hostel 0.88 1.17
Interval/transition home 0.32 0.52
Renting 93.27 88.61
Renting - subsidized 2.37 7.86
Psychiatric hospital/facility 0.21 -
Other 0.26 0.66
N 22,477 6,332

Results stratified by immigrant status are outlined in Table 4.11. A higher pro-

portion of immigrant recipients who begin their spells in homelessness exit over the

course of their time on social assistance relative to non-immigrant recipients. Im-

migrant recipients that exit homelessness during their spell are less likely to return

to homelessness during the same spell than non-immigrant recipients. This result

is similar to a result from Chapter 2, which finds that immigrants are less likely to

return to social assistance after exiting than non-immigrant recipients. Immigrants

exiting homelessness are also more likely to exit to a dwelling with subsidized rent.

Table 4.12 contains an examination of the sample divided into those living in ru-

ral areas, and those living in urban areas. Although there are not many differences,
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Table 4.12: Exits from homelessness by rural or urban residence

Rural Urban
Sample homeless at t=1
Prop. exiting homelessness during spell (%) 54.29 59.30
N 1,842 46,893
Sample exiting homelessness during spell
Months until homelessness exit 2.0 2.9
Prop. returning to homelessness (%) 7.40 10.93
Prop. exiting to accommodation type (%)
Board and lodging 4.40 2.16
Domiciliary hostel - board - 0.13
Emergency hostel - 0.96
Interval/transition home - 0.36
Renting 92.80 92.23
Renting - subsidized - 3.66
Psychiatric hospital/facility - 0.21
Other 2.80 0.27
N 1,000 27,809

those living in urban areas are around 5% more likely to exit homelessness while on

social assistance. Urban-dwelling recipients, however, are also slightly more likely

than rural-dwelling ones to return to homelessness before exiting social assistance.

Descriptive statistics stratified by age groups (in ten-year groupings) are featured

in Table 4.13. For the most part, there is not much variation between recipients who

begin their spells while homeless under age 65 with regards to the proportion that

exit homelessness at some point during their social assistance spell. Those over 65

years old, however, are significantly less likely to exit homelessness while on social

assistance, while those in the groups between age 25-54 have the highest proportions

exiting homelessness during their spells, and at almost equal proportions. Despite
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Table 4.13: Exits from homelessness by age group

<25 25-34 35-44 45-54 55-64 65+
Sample homeless at t=1
Prop. exiting homelessness during spell (%) 57.43 60.14 60.19 60.9 56.23 35.92
N 15,783 12,902 10,895 6,893 2,056 206
Sample exiting homelessness during spell
Months until homelessness exit 2.4 2.8 3.3 3.4 3.5 2.3
Prop. returning to homelessness (%) 8.80 10.98 12.81 12.27 9.26 4.05
Prop. exiting to accommodation type (%)
Board and lodging 2.81 1.95 1.97 1.91 2.68 -
Emergency hostel 0.73 0.75 0.93 1.45 - -
Interval/transition home - 0.53 - - - -
Renting 93.82 93.05 91.84 90.35 84.26 83.78
Renting - subsidized 2.04 3.18 4.33 5.00 8.39 -
Other 0.60 0.54 0.93 - 4.68 16.21
N 9,064 7,759 6,558 4,198 1,156 74

this, however, out of those who do exit homelessness, those who are under 25 or

over 65 are able to exit in fewer months. Although roughly similar proportions of

different age groups exit to a situation where they are renting (whether subsidized or

not), the proportion exiting to a situation with subsidized rent are relatively higher

for older age groups.

Finally, similar statistics are presented for samples stratified by family type, where

recipients are divided by gender, whether they have children, and marital status, in

Table 4.14. There is some variation in the proportions of recipients who are homeless

at the start of their spells and exit homelessness during the spell. Single mothers

and married couples with children have higher likelihoods of exiting homelessness

during their spells, while single males without children have the lowest. This may
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at least partially reflect the availability of resources to aid in exiting homelessness.

Restricting examination to these recipients who escape homelessness while on so-

cial assistance, married couples without children are found to exit homelessness the

quickest. This is expected, since these benefit units likely benefit from having more

adults able to work, while also having fewer dependants, and thus are in a less fi-

nancially vulnerable situation.

There is also heterogeneity in the proportions of these recipients that return to

homelessness during the same spell; in general, those with children are much less

likely to return than their childless counterparts. Additionally, single males are more

likely to return to homelessness than single females, and they are both more likely

to return to homelessness than married couples. Although the large majority of all

groups exit homelessness to a rented dwelling, those of each category with children

are much more likely to have rent subsidized than the categories without children;

this is also to be expected given the type and availability of resources.

4.8 Survival analysis

The results of the competing risks survival analysis are featured in Tables 4.15 and

4.16. The subhazard ratios are showcased in the tables, which represent the relative

likelihood of “exiting” from homelessness in a given period, while accounting for the

“risk” of exiting social assistance before escaping homelessness. These allow exami-

nation of which groups on social assistance face particular hardships in finding stable
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Table 4.15: Competing risks survival analysis results

Male 0.878***
(0.0124)

Immigrant 1.139***
(0.0213)

Married 0.991
(0.0092)

Urban 1.024*
(0.012)

Unemployment rate 0.998
(0.0023)

ODSP 1.137***
(0.0097)

N 150,223

Notes: Additional controls include age, first spell indicator, educational at-
tainment, # of children, French indicator, # of dependent adults, employment
assistance program enrollment dummy variables, median level of assistance,
quarterly fixed effects, and delivery agent fixed effects.
Std. errors in parentheses, clustered at the quarter/delivery agent level.
∗ p < 0.05, ∗∗ p < 0.01, ∗∗∗ p < 0.001

housing. For reference, the sample used in the regression includes 44,160 subjects, of

which 26,296 exit homelessness by the end of their observed social assistance spell,

and 16,223 exit social assistance while still homeless. It should also be noted that

the subhazard ratios for these groups are not necessarily solely reflective of belonging

to each respective demographic or group, and may also capture the effects of differ-

ences in additional benefits or housing resources that are tied to belonging to these

demographic groups.

After controlling for other confounding factors, including quarterly fixed effects,

geographic fixed effects at the delivery agent level, and active labour market pro-

gram assignment dummy variables, male social assistance recipients are found to be
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around 88% as likely to exit homelessness in a given period as female recipients. This

gap is among the largest found in the regression between two dichotomous groups,

being approximately equal to the gap between immigrants and non-immigrants, and

OW recipients and ODSP recipients.

Interestingly, immigrant recipients are relatively more likely to exit from home-

lessness in a given period than non-immigrant recipients, and ODSP recipients are

relatively more likely to exit from homelessness in a given period than OW recip-

ients. The former may be unexpected given the results of Chapter 2, which show

that immigrant recipients are less likely to exit social assistance (for those that are a

part of the OW program) in a given period than their non-immigrant counterparts.

The latter may be explained by the higher financial threshold for ODSP recipients

to receive social assistance, where the financial barrier to finding housing may not

necessarily be as crucial to this group as access to resources.

Those experiencing their first (observed) social assistance spell are slightly less

likely to exit from homelessness in a given period than those that have previous

experience enrolling in social assistance. Conversely, being older, having children,

or living in an urban area increase the likelihood of exiting homelessness in a given

period. These results may be indicative of the value of increased life experience in

finding housing (for age), or of more available resources for certain segments of the

homeless population (for those with children).
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Table 4.16: Competing risks survival analysis results

First spell 0.972*
(0.0134)

Age 1.001***
(0.0001)

# of children 1.019***
(0.0034)

Educational attainment
Grade 7-8 1.012

(0.0092)
Some high school 1.005

(0.009)
Graduated high school 0.995

(0.0086)
Post-secondary 0.989

(0.0094)
N 150,223

Notes: Additional controls include gender, immigrant status, marriage sta-
tus, urban indicator, unemployment rate, ODSP indicator, French indicator, #
of dependent adults, employment assistance program enrollment dummy vari-
ables, median level of assistance, quarterly fixed effects, and delivery agent fixed
effects.
Std. errors in parentheses, clustered at the quarter/delivery agent level.
∗ p < 0.05, ∗∗ p < 0.01, ∗∗∗ p < 0.001

Additionally, those who are married and those who have any amount of education

above a grade six level are not statistically significantly more or less likely to exit

from homelessness than those who are single or have lower educational attainment.

Comparing again to Chapters 2 and 3, these findings stand in contrast, where being

married or having higher levels of educational attainment generally had a positive

effect on likelihood of exiting social assistance. For these characteristics, being more

likely to exit social assistance does not correlate with being more likely to exit home-

lessness.
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4.9 Conclusion

This paper examines the extent to which homelessness and high levels of mobility or

housing instability are experienced by social assistance recipients in Ontario. This

represents people who are among the most economically vulnerable by definition, not

having stable work and/or financial assets below a certain threshold. The importance

of stable and sufficient shelter in improving well-being underscores the importance of

further examination of these issues among the Canadian population living in poverty,

especially given the scarcity of research and data on the homeless relative to other

poverty-adjacent topics. Where earlier chapters have addressed the financial costs

or benefits of social assistance, the social benefits of addressing these issues should

also not be ignored. In the case of reducing homelessness, this translates to large

quality-of-life increases and fulfilling one of the most basic human needs for a large

number of individuals or families.

Persons with disabilities that are a part of ODSP are less likely to be homeless

at the start of their spell. However, they are more likely to experience homelessness

at some point during their spell, and spend much larger portions of their spell in

homelessness. Younger recipients are more likely to be homeless at the start of their

spell, and survival analysis results found them to be less likely to exit homelessness as

well, relatively to older recipients. Additionally, those with lower levels of education

are found to be more likely to be homeless at some point during their spell. When

examining the sample through the lens of gender and family type, single male recip-

ients without children are found to be the most likely to be homeless when entering
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social assistance by the widest margins.

These results looking at which groups are particularly vulnerable to these phe-

nomena can help shed light on directions for future research and where specific

additional policy tools could be enacted most efficiently to help fight homelessness.
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Appendix A

Effects of regional characteristics on social

assistance exits of immigrants

To examine the possible correlations between regional characteristics and the mag-

nitude of the immigrant differential in likelihood of exiting social assistance because

of finding employment, the estimated dependent variable (EDV) model first intro-

duced by Hanushek (1974) is used. The first stage of the model estimates equation

(2.1) separately for recipients in each of 55 different OW delivery agent regions, that

is geographic areas where OW service delivery for the recipients within is overseen

by a local organization, usually at the municipal level. When choosing the level of

geographic division for this, there is a tradeoff between the number of observations

in each of the first stage regressions, and the number of observations in the second

stage. Although EI economic regions were used as geographic controls in other re-

gressions carried out in this paper, the smaller number of regions would mean too

few observations would be available in the second stage.
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The second stage of the EDV model entails estimating the equation below:

β̂Imm,j = Xjγ + εj (A.1)

Here, j indexes the delivery agent area, and β̂Imm,j represents the estimated beta

coefficient for the Immigrant indicator variable from the first stage survival model

estimation for area j. Xj represents the regional covariates describing area j, and the

γ parameters estimated here will give the effect that that regional characteristic has

on the likelihood of immigrants to exit social assistance in a given period, relative to

non-immigrants. Weights are constructed as outlined by Lewis & Linzer (2005) tak-

ing into account the standard errors of the estimates from the first stage, and these

weights are applied to observations in the second stage. The regressions are carried

out twice: once including observations from all delivery agents, and again leaving

out the Toronto area delivery agent since this region accounts for a large portion of

both the total Ontario population as well as the Ontario immigrant population.

EDV models with specifications of different groupings of regional covariates were

estimated, and although there are a relatively small number of observations avail-

able here for the second stage, there are several potentially interesting results that

emerge. In Table A.1, the estimated relative likelihood of exit from social assistance

for immigrants is regressed on region demographics coming from the 2016 Census.

The nature of the covariates makes direct interpretation of the estimated coefficients

difficult. However, the proportion of the population of a region made up of immi-

grants is shown to have a negative effect on the relative likelihood of exit. In other
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Table A.1: Estimated dependent variable model results - Region demographics

All delivery agents Without Toronto
Log population -0.006 -0.007

(0.0049) (0.0050)
Proportion of visible minorities 3.442 3.548

(3.0361) (3.0886)
Proportion of immigrants -0.291∗ -0.311∗

(0.1647) (0.1693)
Proportion of Canadian citizens 0.110 0.126∗

(0.0670) (0.0741)
N 55 54

Notes: First stage estimates control for gender, # of children, urban indicator,
age, age squared, regional unemployment rate, French indicator, # of dependent
adults, first spell indicator, employment assistance program enrollment dummy
variables, median level of assistance, married indicator, and annual fixed effects.
Std. errors in parentheses, clustered at the quarter/delivery agent level.
∗ p < 0.05, ∗∗ p < 0.01, ∗∗∗ p < 0.001

words, the higher the proportion of immigrants in a population, the bigger the gap

between immigrants and non-immigrants in exiting social assistance and finding em-

ployment. Although the reasons for this result may be unclear, it should be noted

that although this result does not control for many other regional characteristics, it

does account for the total population of the region.

In Table A.2, the estimated relative likelihood of exit from social assistance for

immigrants is regressed on immigrant origin demographics by region, again from the

2016 Census. Here, the independent variables represent the portion of immigrants

in each region that originate from each continent. Although countries of origin are

not observed in the OW administrative dataset, this regression may provide some

insight on the experiences of immigrants from different parts of the world in the

labour market. Again, small sample sizes make inference limited, and the results
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Table A.2: Estimated dependent variable model results - Immigrant origins

All delivery agents Without Toronto
Americas 0.154 0.097

(1.3140) (1.3296)
Europe -1.478∗ -1.476∗

(0.7408) (0.7465)
Africa -8.156∗ -8.205∗

(4.2413) (4.2820)
Asia 0.265 0.268

(0.3459) (0.3444)
Oceania/Other places of birth 110.227 109.582

(81.2740) (81.6795)
N 55 54

Notes: First stage estimates control for gender, # of children, urban indicator,
age, age squared, regional unemployment rate, French indicator, # of dependent
adults, first spell indicator, employment assistance program enrollment dummy
variables, median level of assistance, married indicator, and annual fixed effects.
Std. errors in parentheses, clustered at the quarter/delivery agent level.
∗ p < 0.05, ∗∗ p < 0.01, ∗∗∗ p < 0.001

that are statistically significant are only weakly significant. It is observed that the

higher the proportion of immigrants from Europe and (more so) Africa, the lower the

relative likelihood of exit from social assistance of immigrants. It is unclear if this

could be capturing differences in labour market performance between immigrants

from different origins, correlation between continents of origin and other factors that

affect the likelihood of exit (such as immigrant category), or potentially differences

in attitudes toward certain subgroups of immigrants.
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Appendix B

Matching estimation for immigrants arriving

before age five

To compare non-immigrants to the sample of immigrants that are the most sim-

ilar and directly comparable, those immigrating to Canada under the age of five,

nearest-neighbour matching is used to estimate the “treatment effect” of being an

immigrant on social assistance outcomes for similar OW recipients. First, recipients

are matched with observations receiving the opposite treatment, i.e. immigrants

with non-immigrants, who are most similar to them based on other covariates. Here,

the other control variables used to estimate previous models are used.1 Average out-

comes are then calculated for these matches. Next, the average treatment effect is

calculated by averaging the observed and potential outcomes for each observation.

1Covariates used to match to the “nearest neighbours” include gender, married indicator, educa-
tional attainment, number of children, number of dependent adults, an urban indicator, age, age
squared, regional unemployment rates, a French language indicator, a first spell indicator, employ-
ment assistance program enrollment dummy variables, median level of assistance, annual fixed
effects, and EI economic region fixed effects.
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For the sake of comparison directly between non-immigrants and those who came

at a young age, all other immigrants who came to Canada at the age of five or above

are excluded from this analysis. Although language abilities cannot be observed with

this data or controlled for, it is reasonable to assume that this category of immigrants,

which includes those who immigrated as newborns and toddlers, would have the best

language abilities for Canada’s official languages, if not abilities directly compara-

ble to non-immigrants. Additionally, this group has received the entirety of their

schooling or very close to it domestically, so the issue of having to compare Cana-

dian credentials to foreign ones is not present. This is not to claim that those who

come as immigrants at an extremely young age live lives that are exactly the same

as those of non-immigrants, but they are likely the most comparable and similar

in many respects. Many immigrant differentials in labour market outcomes in the

literature are shown to decline for immigrants that have been in the country longer,

and those in this subsample have been in the country for at least over twenty years

by definition, including the majority of their formative years, so again one would

expect similar outcomes between these groups.

Issues may arise with treating being an immigrant as a treatment in the tradi-

tional sense. As mentioned above, even those coming as newborns will not have lives

that are interchangeable with non-immigrants, there will be differences that affect

their lives leading up to the point where they are observed on social assistance. This

is also a “treatment” that is not assigned, randomly or otherwise. Including the full

cadre of control variables in the matching process will work to alleviate this, since,
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coupled with the relatively large sample size from the data, it may be possible to

match individuals to those who are very similar in all other regards.

Table B.1: Nearest-neighbour matching estimation results

Spell duration Return (1yr) Return (2yrs)
Immigrant -0.146 -0.010 -0.011

(0.1191) (0.0064) (0.0065)
N 433,943 433,943 433,943

Notes: Additional controls include gender, married indicator, educational at-
tainment, # of children, urban indicator, age, age squared, regional unem-
ployment rate, French indicator, # of dependent adults, first spell indicator,
employment assistance program enrollment dummy variables, median level of
assistance, quarterly fixed effects, and EI economic region fixed effects.
Std. errors in parentheses, clustered at the quarter/delivery agent level.
∗ p < 0.05, ∗∗ p < 0.01, ∗∗∗ p < 0.001

Table B.1 showcases outcomes for nearest-neighbour matching estimations look-

ing at the outcomes of spell duration, and one- and two-year return rates to social

assistance. Spell duration is used here as a substitute for the survival analysis, which

measures a similar outcome in a less intricate way. Here, no statistically significant

difference is found between non-immigrants and those immigrating before age five

for duration of social assistance spells, nor for returning to social assistance.

Table B.2 examines similar estimation methods looking at the cumulative months

and spells spent on social assistance over five years and over ten years, respectively.

Small statistically significant effects are found examining the number of spells spent

on social assistance over time. Those who came at young ages will have fewer spells

than their non-immigrant counterparts.
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Table B.2: Nearest-neighbour matching estimation results

5-year outlook 10-year outlook
Cumul. spells Cumul. months Cumul. spells Cumul. months

Immigrant -0.068∗∗ 0.091 -0.104∗ -0.486
(0.0244) (0.2418) (0.0495) (0.5307)

N 204,751 204,751 74,106 74,106

Notes: Additional controls include gender, married indicator, educational at-
tainment, # of children, urban indicator, age, age squared, regional unem-
ployment rate, French indicator, # of dependent adults, first spell indicator,
employment assistance program enrollment dummy variables, median level of
assistance, quarterly fixed effects, and EI economic region fixed effects.
Std. errors in parentheses, clustered at the quarter/delivery agent level.
∗ p < 0.05, ∗∗ p < 0.01, ∗∗∗ p < 0.001

These results are somewhat in contrast to those in section 4.4, where immigrants

at young ages were found to have lower rates of returning to social assistance, as well

as a small but statistically significant lower probability of exiting social assistance in

a given period (which can be compared to the spell duration results). Evidence that

these two comparable groups face different outcomes regarding exiting and returning

to social assistance in the short term appears to be mixed, depending on the type of

model used.
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Appendix C

Results with imputed country of education for

immigrants

Table C.1: Foreign education results

Extended Cox model LPM
Hazard ratio Return (1yr) Return (2yrs)

Imm. x HSForeign 0.988 0.007 0.010*
(0.0092) (0.0044) (0.0044)

Imm. x PSEForeign 1.038*** -0.001 -0.002
(0.0084) (0.0039) (0.0039)

Quarterly FE X X
Annual FE X
N 6,048,027 624,143 624,143

Notes: Additional controls include immigrant age at arrival categorical vari-
able, gender, married indicator, educational attainment, # of children, urban
indicator, age, age squared, regional unemployment rate, French indicator, #
of dependent adults, first spell indicator, employment assistance program en-
rollment dummy variables, median level of assistance, and EI economic region
fixed effects.
Std. errors in parentheses, clustered at the quarter/delivery agent level.
∗ p < 0.05, ∗∗ p < 0.01, ∗∗∗ p < 0.001

The results in this appendix come from models where imputed country of educa-

tional attainment have been controlled for. This imputation involved assuming that
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non-immigrants have completed any education within Canada, that immigrants who

immigrated at age eighteen or over who have a high school education completed the

degree outside of Canada, and that immigrants who immigrated at age twenty-five

or over who have a post-secondary education completed the degree outside of Canada.

The models are estimated controlling for the binary immigrant variable inter-

acted with binary variable indicating if they have a high school degree attained

outside of Canada and/or a post-secondary degree attained outside of Canada, re-

spectively. Age at arrival is already controlled for to separate its effect from country

of educational attainment since this variable is imputed based on assumptions about

age at arrival. Educational attainment is also separately controlled for, so these re-

sults showcase the additional effect of having that degree attained outside of Canada.

Table C.1 contains models estimating probability of exiting social assistance, and

probability of returning to social assistance within one or two years. Completing a

high school degree outside of Canada has little-to-no statistically significant effect,

though it raises the probability of returning within two years by 1%. On the other

hand, completing post-secondary education outside of Canada has a strong effect

increasing the probability of exiting social assistance in any given period.

Table C.2 examines the imputed country of education effects on number of spells

and months spent on social assistance over five and ten years. Again, having a foreign
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Table C.2: Foreign education results

5-year outlook 10-year outlook
Cumul. spells Cumul. months Cumul. spells Cumul. months

Imm. x HSForeign 0.032* 0.279 0.026 0.508
(0.0137) (0.2109) (0.0283) (0.4257)

Imm. x PSEForeign 0.036** -0.426** 0.029 -0.983*
(0.0111) (0.1488) (0.0257) (0.3819)

Annual FE X X X X
N 319,813 319,813 114,428 114,428

Notes: Additional controls include immigrant binary variable, gender, mar-
ried indicator, educational attainment, # of children, urban indicator, age, age
squared, regional unemployment rate, French indicator, # of dependent adults,
first spell indicator, employment assistance program enrollment dummy vari-
ables, median level of assistance, and EI economic region fixed effects.
Std. errors in parentheses, clustered at the quarter/delivery agent level.
∗ p < 0.05, ∗∗ p < 0.01, ∗∗∗ p < 0.001

high school degree has few statistically significant effects, though it does slightly in-

crease the number of spells of social assistance in five years from first entering social

assistance.Having a foreign post-secondary degree also increases the number of spells

experienced in five years, but decreases the number of cumulative months spent over

the same period, as well as over a ten year period.

In the literature, having a domestically-completed degree typically leads to better

labour market outcomes for immigrants relative to having a foreign education. This

is somewhat seen in these results, where foreign degrees lead to more social assistance

spells within five years. However, the opposite is seen regarding effects on number of

months spent on social assistance and the probability of exiting because of finding

employment. The fact that these variables are imputed based on assumptions should

be taken into account, and it is possible that these are capturing another unintended
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factor.
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Appendix D

Alternate model specifications for program

efficacy

Table D.1 contains estimates of program effects for the various outcomes when cer-

tain fixed effects are excluded from the set of control variables. Specifically, the

quarterly fixed effects and the annual-geographic fixed effects at the EI economic re-

gion level. One notable difference between the specifications with and without these

fixed effects is that the undesirable effects of PS and SJS paired with TP on spell

duration only arise when time and geography are controlled for (estimates for SJS

and TP individually differ only marginally here). This may indicate variation in the

effects of these programs on spell length over time and across Ontario. Similarly,

without these additional control, we find that all programs increase the probability

of return relative to IJS.

Examining longer-term outcomes over the five year span after their first observed

month on social assistance, PS and SJS-TP now also reduce the number of months
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Table D.1: Program effects estimated without fixed effects

Duration Return rate Cumul. months Cumul. spells
Duration One year Two years Five years Five years

SJS -1.523** 0.011 0.004 -2.661*** 0.039
(0.5582) (0.0163) (0.025) (0.4582) (0.0334)

TP -2.611** 0.082*** 0.119*** -7.134*** 0.01
(0.751) (0.0226) (0.0264) (0.6884) (0.0359)

PS 7.993 0.745*** 1.048*** -21.222*** -0.907***
(6.3991) (0.1292) (0.1121) (4.1158) (0.1729)

SJS-TP -1.592 0.155*** 0.229*** -6.348*** -0.081
(1.0419) (0.0321) (0.0314) (0.8886) (0.0651)

Age -0.022*** 0.000 0.000 -0.105*** -0.016***
(0.0039) (0.0001) (0.0001) (0.0069) (0.0007)

# of children 1.888*** 0.058*** 0.083*** 0.508** -0.003
(0.1823) (0.0049) (0.0056) (0.1916) (0.0071)

Grade 7-8 -2.328*** 0.051*** 0.069*** -1.447** 0.167***
(0.3542) (0.0053) (0.0043) (0.5152) (0.018)

Some H.S. -2.95*** 0.078*** 0.107*** -2.013*** 0.285***
(0.392) (0.0053) (0.0055) (0.5393) (0.0151)

Grad. H.S. -3.731*** 0.052*** 0.074*** -3.559*** 0.127***
(0.3994) (0.0057) (0.0057) (0.5156) (0.0152)

Post-secondary -5.362*** 0.035*** 0.052*** -5.606*** 0.057**
(0.4166) (0.0065) (0.0059) (0.5326) (0.017)

Male -2.577*** 0.032*** 0.04*** -1.747*** 0.268***
(0.1055) (0.0018) (0.0019) (0.113) (0.0105)

Immigrant 3.596*** -0.075*** -0.097*** 3.83*** -0.356***
(0.2395) (0.0033) (0.0026) (0.1875) (0.008)

Urban 1.783*** 0.016*** 0.012*** 2.381*** 0.035**
(0.1498) (0.0036) (0.0028) (0.1681) (0.0127)

N 696,108 696,108 696,108 231,758 231,758

Notes: Additional controls include regional unemployment rate, French indicator, # of dependent adults, and first
spell indicator.
Std. errors in parentheses, calculated using 200 bootstraps clustered at the quarter/delivery agent level.
∗ p < 0.05, ∗∗ p < 0.01, ∗∗∗ p < 0.001
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spent on social assistance (with additional controls, they either had no significant

effect or increased the number of months). This is likely tied to the reduction in

spell duration attributed to program assignment. Alternately, where all programs

reduced the number of spells over this five-year period when time and geography

were controlled for, without these controls, PS is the only program with an effect on

this longer-term measure. The disparity in the estimates across these specifications

highlights the need to address the roles of time and geography in the analysis of

program effects.
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Appendix E

Program efficacy results for single and married

sample

Table E.1 features results for analysis carried out on a more robust sample includ-

ing married and non-single recipients. As mentioned above, analysis in the body of

the paper was restricted to single recipients to avoid confounding factors introduced

when the benefit unit also includes a spouse or partner, e.g. to avoid attributing to

the program of the main recipient a social assistance exit for which a spouse finding

work is responsible. There are few notable differences between the estimates stem-

ming from the single recipient sample and the ones featured here. When looking at

return rates, PS no longer has an effect, whereas they previously had an only slightly

statistically significant one. By contrast, the small undesirable effect on return rates

from SJS is now more statistically significant, although the magnitude of the esti-

mate has not changed by a notable amount.

The effects of the different programs on the cumulative number of months spent
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Table E.1: Single and married sample second stage regression results

Duration Return rate Cumul. months Cumul. spells
Duration One year Two years Five years Five years

SJS -1.529*** 0.016* 0.024*** -2.98*** -0.022
(0.3187) (0.0068) (0.0046) (0.7869) (0.0365)

TP -2.063*** -0.095*** -0.099*** -4.755*** -0.343***
(0.4864) (0.0131) (0.0152) (0.937) (0.0462)

PS 12.038*** -0.052 -0.11 4.628 -0.423*
(3.1883) (0.0579) (0.0678) (4.104) (0.1903)

SJS-TP 4.379*** 0.008 -0.005 3.522** -0.033
(0.9385) (0.0221) (0.0139) (1.153) (0.07)

Age -0.025*** 0*** -0.001*** -0.094*** -0.016***
(0.0032) (0.0001) (0.0001) (0.0059) (0.0007)

# of children 0.727*** -0.002 -0.001 0.718*** -0.008*
(0.0684) (0.0012) (0.0015) (0.0819) (0.0034)

Median assistance 0.004*** 0*** 0*** 0.003*** 0***
(0.0003) (0) (0) (0.0006) (0)

Grade 7-8 -2.103*** 0.03*** 0.042*** -1.277** 0.122***
(0.2705) (0.005) (0.0039) (0.4429) (0.0153)

Some H.S. -2.906*** 0.05*** 0.071*** -1.691*** 0.225***
(0.2921) (0.005) (0.0056) (0.4612) (0.0127)

Grad. H.S. -3.678*** 0.025*** 0.039*** -3.306*** 0.06***
(0.3016) (0.005) (0.0054) (0.4494) (0.0126)

Post-secondary -5.143*** 0.013* 0.023*** -5.323*** -0.002
(0.3349) (0.0055) (0.0063) (0.4744) (0.0139)

Male -2.22*** 0.03*** 0.036*** -1.322*** 0.236***
(0.0942) (0.0015) (0.0012) (0.1064) (0.0093)

Immigrant 2.921*** -0.055*** -0.075*** 2.99*** -0.275***
(0.1028) (0.0028) (0.0037) (0.1333) (0.0079)

Urban 0.671*** 0.023*** 0.022*** 1.135*** 0.097***
(0.0694) (0.0021) (0.0025) (0.128) (0.0112)

N 799,380 799,380 799,380 273,108 273,108

Notes: Additional controls include regional unemployment rate, French indicator, # of dependent adults, first spell
indicator, quarter-year fixed effects, EI economic region - year fixed effects, and marital status.
Std. errors in parentheses, calculated using 200 bootstraps clustered at the quarter/delivery agent level.
∗ p < 0.05, ∗∗ p < 0.01, ∗∗∗ p < 0.001
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on social assistance over five years are only marginally different across these two sam-

ples. However, SJS (both with and without TP) has no statistically significant effect

on the number of spells over five years for the sample including married recipients,

where previously they had a small but significant effect (each reducing the number of

spells by less than one tenth of a spell). Similarly to return rates, the effect of PS on

this measure is also dampened, although it still has a slightly statistically significant

effect, and is still the most effective of the four treatments in regards to this out-

come. Thus, although the main findings are qualitatively similar to the sample with

only single recipients, the longer-term effects of PS are not as strong when married

recipients are included in the analysis.
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Appendix F

Program efficacy propensity score matching

results

Here we present alternative estimates of program treatment effects (relative to IJS)

that come from a propensity score matching procedure (similar to Sianesi (2004,

2008). In order for this approach to be valid, enrollees in one of the treatment

programs (for example, SJS) and IJS must be randomly assigned once observable

characteristics are controlled for. If we assume that this can be expressed formally

as E(εiProgij|Xi) = 0 where εi, Progij, and Xi are the same as in equation 4.2.

Roughly speaking, the intuition behind this is that if the residual and treatment are

not correlated when we condition on the characteristics of observation i , if we can

find two (or more) observations that received different treatments but are identical

in terms of their characteristics, we can ascribe any difference in their outcomes to

the treatment. The problem that arises with this approach is that it is invalid if the

above condition does not hold; furthermore, this is an untestable assumption.
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In practice, since finding “otherwise identical” observations is quite difficult when

we consider multiple-dimensions of characteristics, a related approach, propensity

score matching, is used (see Wooldridge (2010) for an in-depth discussion of this

methodology). The first step involves estimating the probability that treatment is

assigned (this is the propensity score), then “treated” and “untreated” observations

are matched based on the propensity score. Finally, the estimated treatment effect

is the average difference across matched pairs of treated and untreated observations.

Table F.1 shows the estimated treatment effects of the various active labour market

programs using propensity score matching. To estimate the propensity scores we

used a logit specification with all explanatory variables used in the instrumental

variable regressions in the main analysis.

Table F.1: Propensity score matching treatment effects

Duration Return rate Cumul. months Cumul. spells
Duration One year Two years Five years Five years

SJS -0.914*** 0.008* 0.012** -0.942*** -0.019
(0.1099) (0.0036) (0.0038) (0.2306) (0.019)

TP 1.47*** -0.024*** -0.035*** 1.059*** -0.122***
(0.0798) (0.0025) (0.0026) (0.1349) (0.0107)

SJS-TP -0.231 -0.011 0.004 0.092 0.046
(0.3634) (0.0119) (0.0137) (0.7628) (0.053)

PS 0.716* 0.007 0.008 1.013* -0.028
(0.3187) (0.0119) (0.0128) (0.4177) (0.0364)

Notes: Controls include regional unemployment rate, urban indicator, educational attainment, French
indicator, # of dependent adults, first spell indicator, quarter-year fixed effects, EI economic region - year
fixed effects, age, immigrant status, gender, # of dependent children, and median level of assistance.
Std. errors in parentheses, calculated using 200 bootstraps clustered at the quarter/delivery agent level.
∗ p < 0.05, ∗∗ p < 0.01, ∗∗∗ p < 0.001

Several of these results are qualitatively, quantitatively, or statistically signifi-

cantly different than those obtained from IV regression. Namely, the longer-term
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efficacy of PS is no longer found, the short-term efficacy of TP has been replaced by

undesirable effects, and SJS paired with TP is now statistically significantly indis-

tinguishable from IJS by all measures employed. This may be due to the assumption

implicit in propensity score matching that treatment to any of the ALMPs is random

once observed factors are controlled for, which is very likely not the case within OW.
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Appendix G

Recipients experiencing homelessness by

demographic

Housing-related variables for additional subpopulations of social assistance recipients

are explored in the tables below.

Table G.1: Descriptive statistics of those that experience homelessness by immigrant
status

Non-immigrant Immigrant
Sample homeless during spell
Homeless at start of spell (%) 65.47 68.68
% of spell spent homeless 19.78 16.37
Avg. # of moves per year 1.60 1.43
Total moves during spell 2.73 2.39
N 59,896 13,867

Table G.1 looks at spells where recipients are homeless at some point during their

spell by immigrant status. There are not major differences between non-immigrants

and immigrants by the measures examined. However, non-immigrants are slightly
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less likely to be homeless at the start of their spells, but spend slightly more of their

spells in homelessness.

Table G.2: Descriptive statistics of those that experience homelessness by rural or
urban residence

Rural Urban
Sample homeless during spell
Homeless at start of spell (%) 58.44 66.41
% of spell spent homeless 23.37 18.95
Avg. # of moves per year 1.61 1.57
Total moves during spell 2.70 2.66
N 3,152 70,611

An examination of recipients by rural or urban residence is featured in Table G.2.

Differences between the two groups are slightly more pronounced than between non-

immigrants and immigrants. Those who experience homelessness during their spells

in urban areas are more likely to be homeless when first entering social assistance,

though those in rural areas spend more of their spell in homelessness.

Table G.3: Descriptive statistics of those that experience homelessness by age group

<25 25-34 35-44 45-54 55-64 65+
Sample homeless during spell
Homeless at start of spell (%) 67.24 66.18 65.20 64.22 66.69 77.15
% of spell spent homeless 20.36 18.78 18.37 17.76 19.36 40.17
Avg. # of moves per year 1.67 1.62 1.55 1.38 1.29 0.95
Total moves during spell 2.63 2.63 2.88 2.71 2.08 0.98
N 23,473 19,496 16,711 10,733 3,083 267

Table G.3 focuses on social assistance recipients who experience homelessness by



177

age group. In general, those under 65 have relatively similar experiences. However,

those 65 and over are much more likely to be homeless when they start their spell,

with fewer than a quarter of these recipients beginning their spells with housing but

falling into homelessness later on. They also spend approximately twice as much of

their spell in homelessness as younger recipients. This may be due to the relatively

higher proportion of seniors with disabilities in ODSP, since these results are similar

to those featured in Table 4.9.

Table G.4 looks at the variables related to homelessness and mobility for recip-

ients who experience homelessness during their spells by family type and gender.

Fewer of those with children of each category begin their spells while homeless; they

also spend less of their spells in homelessness relative to those with children. This is

similar to other variables examined, where those with children were also more likely

to exit homelessness during their spells.
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